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[bookmark: _Toc208592008]ABSTRACT
Microfinance institutions (MFIs) play a significant role in the provision of financial services to excluded members of society by providing loans (small loans), savings, and insurance to the excluded populations. By improving financial inclusion, MFIs play a significant role in driving economic activity and enhancing the lives of people who are not afforded the privilege of mainstream banking. In spite of this, MFIs face the challenge of non-performing loans, high defaults and low repayment levels of the same in terms of credit lines advanced by them. This has been the case against the MFIs, thereby impeding asset quality maintenance. The current research concerned itself with the impact of credit management practices on the quality of the asset in microfinance institutions in Malawi. The particular research question was to analyse how credit policy, client credit appraisal, credit terms and credit risk control affect the quality of the asset in the MFIs in Malawi. The hypotheses used in the research were the asymmetric information hypothesis, behavioural finance hypothesis, contract hypothesis and credit risk hypothesis. The study used the descriptive cross-sectional research design to correlate relationships among the variables. The sample was a population consisting of 107 MFIs in Malawi. The method of simple random sampling was employed to get a sample size of 84 MFIs. The primary data were obtained through the use of questionnaires, and the secondary data were collected using a data collection form that was used to obtain publicly published financial statements of all MFIs in Malawi. Information was summarized with the help of various statistics. The descriptive statistics included the frequencies, the average, the standard deviation and the percentage. The regression analysis and other inferential statistics were used to study the relationship between the credit management practices and the quality of the asset in MFIs in Malawi. Based on the study findings, it was observed that all four credit management practices included in the study significantly affected the quality of the asset. The findings indicated that credit policy had a positive and significant effect on the quality of the asset (0.295, p = 0.003). In the same way, client credit appraisal showed a large and positive association with the quality of asset (beta = 0.410, p< 0.001). The credit terms also showed a positive, significant correlation with the quality of the asset (beta 0.222, p = 0.014), and, finally, the credit risk control also showed a positive, significant correlation with the quality of the asset (beta 0.263, p = 0.007). The study concluded that standardised and uniform credit management procedures are central to the strength in recovering asset quality and the viability of microfinance institutions in Malawi. It is the recommendation of the study that credit management practices in Malawi should be standardised and enforced in all the microfinance institutions to boost repayment, to safeguard asset quality and support financial sustainability. Policymakers should encourage the concept of responsible lending and consumer protection by implementing more effective credit policies and risk management measures.
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Asset Quality: This reflects the quality and financial condition of a bank's most valuable asset, its loan portfolio. A high NPL ratio indicates worsening asset quality, lower rates of loan repayments, and higher financial struggles for borrowers (Jacob, 2024; Phiri & Chikoko, 2023).
Client Credit Appraisal: This is the process by which prospective borrowers are analysed in an attempt to establish their creditworthiness. Historically, it is based on the five Cs of credit: Character, Capacity, Capital, Collateral and Conditions (Edwin & Omagwa, 2018).
Credit Management Practices: These are structured procedures and methods that finance institutions employ to mitigate credit risk, enhance the quality of their loans, and ensure the overall quality of their property (Jacob, 2024; Mwakujonga & Komba).
Credit Policy: The credit policy outlines MFIs’ guidelines when extending credit. This sets out the institution’s lending criteria, requirements for qualifying borrowers, acceptable types of collateral, and credit approval and monitoring procedures (Afolabi et al., 2020).
Credit Risk Control: Credit risk control is the action MFIs undertake to restrict the financial loss risk precipitated by borrower defaults. These include frequent monitoring of loan books, setting credit ceilings, regular investigations on the borrowers' financial status, and adoption of aggressive debt collection measures (Kadima et al., 2022).
Credit Terms: Credit terms are terms under which the loans are extended to the individual or organizations; they include interest rates, the time to which they pay payment instalments, tenure of the loan and other relevant charges (Kadima et al., 2022).
Deposit-Taking Microfinance Institutions (DTMFIs): DTMFIs are regulated financial institutions empowered to gather clients' savings and offer credit and other financial products and services. They operate under strict regulations by the central banks or financial authorities to safeguard depositors and maintain financial stability (World Bank, 2023; CGAP, 2022).
Microcredit Agencies: Microcredit agencies in Malawi are institutions that offer small loans, without collateral, to women, youth, and marginalized groups, to support micro-enterprises and reduce poverty (International Finance Corporation [IFC], 2020; World Bank, 2023; CGAP, 2022).
Microfinance Institutions (MFIs): These are financial institutions that offer microloans, savings, and insurance to individuals and small businesses that lack access to mainstream banking services. MFIs empower and promote poor populations economically by offering business training and financial literacy programs to improve the chances of access to their clients (Yunus, 2007; Khan & Ahmed, 2023). 
Non-Deposit Taking Microfinance Institutions (NDTMFIs): NDTMFIs offer credit and financial services but do not take savings deposits. They depend on outside finance sources such as equity investments, donor contributions, or commercial loans. (World Bank, 2023; CGAP, 2022).
Non-Performing Loan (NPL): A non-performing loan is a loan in which the borrower has breached the scheduled instalments several times, typically above 90 days, limiting the hope for full recovery (Basu & Dixit, 2020; Green & Miller, 2024).
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1.1 [bookmark: _Toc208592017]Background of the Study
Microfinance institutions (MFIs) introduce financial inclusion and poverty alleviation in developing countries like Malawi. MFIs facilitate the growth and development of economies through financial inclusion for low-income households and smaller businesses that traditional banks would have excluded in various ways (Chikalipah, 2020). They maintain good assets and employ good credit handling practices, which make them sustainable in the long run. Weak credit handling practices result in a rise in NPLs and jeopardise the financial soundness and long-term sustainability of the institutions (Mvula & Chirwa, 2021). Effective means of managing credit, such as appropriate client appraisal, regular follow-ups on the performance of extended loans, and accurate credit risk measurement, help to reduce the risk of defaults and sustain the financial viability of MFIs. Studies have demonstrated the ability of effective client appraisal to increase efficiency of the institutions and minimise risk in lending (Adebayo, 2021). For MFIs in Malawi, factors such as weak credit risk appraisal systems, insufficient information on borrowers, and economic volatility lead to the risk of default in the secured loans and the decline in asset quality (Phiri & Banda, 2022).
In addition, loan book monitoring must be conducted appropriately to identify repayment issues at an early stage, allowing institutions to adjust before defaults occur (Kamanga & Nyondo, 2023). In other African economies, like Kenya and Nigeria, studies proved that the presence of good practices of surveillance is linked to low rates of NPL and positive changes in financial performance (Okeke, 2021). These findings suggest the importance of enhancing credit control measures to improve the quality of the assets held by MFIs. The credit management practice is being revolutionised globally by the novelty of technological advances, particularly in the sector of digital finance and data analysis. Some of the possible strategies, such as the use of artificial intelligence (AI) and machine learning, have been efficient in enhancing credit grades and in estimating the degree of riskiness and reducing defaults (Mwansa & Tembo, 2024). Despite such innovations in technology, most Malawian MFIs remain with the blistering credit management practice, and therefore, their possibilities to respond to the new form of financial risks remain limited.
Since MFIs play a major role in Malawian socioeconomic development, the study was critical to determine the relationship between credit management practices in the organisation and the quality of assets. What the research hoped to do was to provide an estimate of the impact of credit management practices including (credit policy, client credit appraisal, credit terms, and credit risk control) on the quality of assets in the Malawian MFIs as a contribution to providing information on policy making and improving operations to achieve the goal of financial stability and growth of the Malawian economy.
[bookmark: _Toc208592018]1.1.1 Credit management practices
Credit management refers to the methods through which financial institutions manage lending business in order to facilitate proper extension of credit with the aim of reducing the associated risks. Credit appraisal, subsequent monitoring, and debt collection are the main practices that contribute towards enhanced performance in the lending business and reduced NPLs (Mwakujonga & Komba, 2024). Credit management practices involve the orderly procedures and practices for assessing credit risk, gaining improved quality in lending business, and maintaining quality assets. Credit management practices are essential for MFIs, which typically work with high-risk clients in Malawi. When efficient credit management practices are implemented, MFIs to achieve financial sustainability as well as meet their mandate to achieve financial inclusion (Jacob, 2024).
Credit appraisal involves the analysis of the creditworthiness of a borrower before the disbursement of the loan. This considers income, ability to repay, and credit history. Since many clients lack traditional financial documentation, MFIs use other methods, including social capital analysis, to determine the reliability of a borrower. Credit appraisal reduces the chances of lending to risky clients and lowers default rates (Mwakujonga & Komba, 2024). Detailed loan evaluation enables MFIs to make informed decisions and lower potential defaults (Munyenyembe & Chikoko, 2022; Jacob, 2024; Chirwa & Mbewe, 2023). Credit monitoring involves monitoring borrowers' payment habits after the disbursement of the loan. This involves monitoring payment periods, making regular borrower visits, and maintaining regular contact with borrowers. Effective monitoring helps MFIs identify the earliest signs of payment problems and respond on time to prevent defaults (Teneng & Kehdinga, 2023; Jacob, 2024).
Debt recovery and collection methods are utilised in addressing defaulted loans. Such methods may involve the renegotiation of payment periods, the utilisation of legal means, the employment of community-based recovery, the issuance of reminders through telephone or SMS messages, and the rescheduling of the loans for clients who are experiencing financial limitations. Rural MFIs should follow a balance of financial prudence and the will to conduct effective client relations (Teneng & Kehdinga, 2023; Jacob, 2024; Phiri & Banda, 2024; Kafwafwa et al., 2023). Good credit policies lead the lending process in the right direction, as the criteria for extending the loans, the payment periods, and the default charges are set. A structured credit policy ensures consistency and clarity in the lending process, guaranteeing that the quality of the assets is not compromised. The main building blocks in a good credit policy are the criteria for qualifying borrowers, the interest rates, the payment streams, and the approval process for extending the loan. Organizations that use strong credit policies usually attain lower levels of NPLs, reducing the overall credit risk and enhancing financial stability (Mwakujonga & Komba, 2024; Munyenyembe & Chikoko, 2022; Chirwa & Mbewe, 2023). 
MFIs enhance financial literacy through client education programs, equipping clients with budgeting, saving, and payment planning capabilities to handle the loans better and reduce default risks (Teneng & Kehdinga, 2023). Trained staff also assist in making good lending decisions and handling borrowers' problems, ultimately leading to better asset quality (Mwanza & Kamwendo, 2023). In Malawi's risky areas, customised credit management methods such as community-based approaches and leveraging local knowledge reduce the issues related to the socioeconomic factors, making the operations financially viable. Further, the use of technology in credit management makes the application, approval, and payment monitoring easier, enhancing efficiency and decision-making in lending operations (Kafwafwa et al., 2023; Mwanza & Kamwendo, 2023).
Regular monitoring of borrowers' payment behaviours is a cornerstone of proper credit management. This involves monitoring payment timelines, identifying delayed payment methods, and observing borrowers' behaviour trends. Real-time tracking allows MFIs to react when problems are noted, decreasing the number of defaults (Phiri & Banda, 2024). Technology significantly enhances the credit management process by automating loan applications, disbursal, and payment tracking. Technology simplifies operations, makes interaction with borrowers efficient, and improves account administration in general (Munyenyembe & Chikoko, 2022). Risk reduction methods are a crucial aspect of credit management. These can be diversification of the loan book in various industries or the sale of insurance products to cover against borrowers' defaults (Chirwa & Mbewe, 2023). Regular reviews and adjustments of credit policy help ensure that policies are up-to-date with the changing economic landscape and regulatory needs. MFIs can adjust based on past performance trends and current trends in borrowers' behaviour (Phiri & Banda, 2024). Having adequate credit limits in place is equally crucial in managing risk. MFIs have a delicate balancing act between providing adequate credit to supply borrowers' needs and their repayment ability, where the limits should proportionately relate to the institution's tolerance for risk. Having the limits too large mounts the risk for many defaults, but being too conservative may inhibit borrowers' accessibility to the funds required (Chirwa & Mbewe, 2023). 
Research indicates that MFIs with more stringent credit policies have fewer NPLs compared to those with a laxer credit policy (Chirwa & Mbewe, 2023). With close analysis on the loans, adequate credit limit in place, incessant observation on the borrowers' performance with effective debt collection mechanism in place, staff training on the practical usage of the various tools in the credit toolset inclusive of modernization in technology, reduction of the risk through diversification sources, and review of policies, MFIs can increase the level of financial stability as well as service in society. This association highlights the requirement for prudent credit management strategies in the maintenance of asset quality. Essentially, prudent credit management entails policy making, risk assessment, borrower follow-ups, debt collection procedures, staff training, and the utilisation of technology. Addressing these areas, MFIs can significantly improve their asset quality in addition to controlling risks from borrower defaults. MFIs with proper credit policies have fewer NPLs, which highlights the importance of restrictive policies (Mwakujonga & Komba, 2024).
[bookmark: _Toc208592019]1.1.2 Asset Quality of Microfinance Institutions
Asset quality refers to the condition and performance of a financial institution's loan portfolio, which is its most significant asset. In MFIs, asset quality is largely quantified using the NPL to total loans, with the higher the value, the lower the asset quality, the lower the repayments, and the higher the financial burden on the borrowers (Jacob, 2024). Good asset quality in MFIs is essential as it has a significant impact on their sustainability, profitability, and efficiency in catering to the underserved populations. Asset quality has been the area of focus for researchers and practitioners globally, as it plays a vital role in economic stability as well as in the reduction of poverty. High NPLs have been a common area of concern for MFIs, the World Bank (2021) reveals, particularly in economically sensitive areas during the pandemic caused by the COVID-19 virus. The pandemic had revealed the microfinance sector's weaknesses, with the defaults being higher since the borrowers felt the loss of income. MFIs have hence introduced new trends in the response towards this development, particularly the data-driven credit scoring instruments and the online monitoring of the microloans, which enhances the quality of the asset. 
Studies conducted in Asia and Latin America demonstrate that assets that have greater instruments in the credit appraisal and institutions with superior borrower servicing records have better performance of their portfolios (Mwakujonga & Komba, 2024). Kauffmann et al. (2022) commented that a thorough borrower selection process and its ongoing monitoring are underscored as the key strategies to preserving and ensuring asset quality under uncertain economic times. The International Monetary Fund (IMF) (2023) also recalls that high-quality assets remain of the essence to the viability of MFIs in an uncertain economic environment. Moreover, MFIs that apply to technology-enabled solutions, such as online lending platforms, identify the super asset quality outcomes because those organisations can analyse the data in real-time to promote intelligent lending and efficient risk management (Munyiri & Muriuki, 2024). 
In Africa, the quality of assets is dependent on the following socioeconomic factors: unemployment, poverty, and political instability. The African Development Bank (AfDB) (2023) revealed that the average NPL ratio in MFIs in Sub-Saharan Africa is 7 to 10%, which exceeds the international average due to the prevalence of poor credit management practices and adverse economic conditions. The payment capacity of borrowers, in effect, is bound by political instability as well as poor climatic conditions. However, MFIs in East Africa and West Africa have realised considerable growth by applying population-based credit models and watchful approaches in reducing the risks. For instance, the introduction of the group lending method in the Kenyan environment was able to mitigate the rate of defaults and improve the quality of the asset. Chikoko et al. (2023) carried out research which reveals that the stricter the credit assessment exercise of the MFIs, the smaller the percentage of defaults against their counterpart with a laissez-faire process. Another aspect of technology used has been to enhance the quality of assets using effective borrower follow-ups and payment structures. The challenges of the system, however, remain: the insufficient financial literacy of borrowers and the insufficient regulatory policies by the regulator undermine the sound management of credit and the increased NPLs in the region (Chirwa & Ngwira, 2022). 
Within the country of Malawi, MFIs confront challenges related to asset quality, such as the economy, unreliable weather patterns affecting agriculture, the major income generator, low levels of financial literacy and the individual’s ability to access the bank services through borrowers. Phiri & Banda (2023) mention that local MFIs use primitive credit practices without the holistic practices to measure the risk of borrowers, which increases the NPL ratios. According to Banda & Ngoma (2023), quoting the rate, the average NPL ratio of Malawian MFIs averages approximately 12% compared to that of the region, which is low because of low-level credit appraisal, poor monitoring mechanisms and low levels of education in the borrowers. In response to these problems, a few MFIs have incorporated financial literacy and technology into their credit techniques. These, together with community-based monitoring, have improved the rates of payment and decreased NPLs (Jacob, 2024).
To enhance the quality of their assets, local MFIs should broaden their capabilities. This involves upgrading the methods of evaluating credit and follow-ups on borrowers in order to minimise lending risks, but should not compromise the delivery of the services rendered to the people. Research indicates that borrowers’ default on the repayment of the loans is attributed to economic constraints aggravated by external circumstances, such as the influence of climate change on agricultural production, which is the principal source of livelihood for the majority of the clients (Chirwa & Ngwira, 2022). Such aspects escalate the lending risks for local MFIs. Asset quality remains one of the critical concerns for MFIs globally, in Africa, and in Malawi. Sound credit appraisal practices and asset quality go hand in hand. Strengthening the practices assists in the viability of MFIs and promotes economic growth in deprived communities (Kauffmann et al., 2022).
[bookmark: _Toc208592020]1.1.3 Credit Management Practices and Asset Quality
Credit management practices refer to those practices together with methods through which financial institutions, such as MFIs, adhere to the appropriate treatment of credit risk. The control techniques used on the funds can be major in the asset quality of the MFIs, depending on the performance of the pool loan and the rate of the repayments obtained, as well as the level of the NPIs. Effective credit management signals, such as credit appraisal, monitoring, and debt recovery, contribute considerably to the avoidance of credit risks and financial volatility (Jacob, 2024). On an international scale, MFIs are applying superior credit management skills to improve asset quality. These are applications of data analytics to credit scoring, automatic surveillance and models to communicate with the borrower.
The Consultative Group to Assist the Poor (2021) explains that institutions that have an effective credit management system have better repayment levels and NPLs. The study conducted by Kauffmann et al. (2022) also revealed that the area of integrated credit management practices may substantially lower the rate of defaults and improve the quality of assets. In regions such as Latin America and South Asia, where the use of online platforms to monitor credit and estimate risk is high, MFIs have NPL ratios of less than 5 per cent, compared to the global average of 7 to 10 per cent (Mwakujonga & Komba, 2024). The pandemic of COVID led to severe imbalances as the number of defaults on the loans increased. The impact on asset quality is, however, counteracted by institutions that have proactive plans, such as credit restructuring and credit provision to borrowers (World Bank, 2021). 
MFIs in Africa are affected by local concerns, characterised by economic volatility, scarcity of credit records among loan recipients, and external shocks such as pandemics or droughts. The practice of group lending, in which borrowers present a collective assurance of the loan, has been effective in reducing risk and increasing the quality of assets. The study by Chikoko et al (2023) found that the level of default had declined in MFIs with the implementation of rigorous credit analysis, which included conducting background inquiries and inquiring about the cash flow. Teneng & Kehdinga (2023) found that MFIs which used group-based credit instruments in West African countries exhibited low default rates compared to MFIs which used individual lending instruments. MFIs that employed strict credit evaluation and neighbourhood monitoring methods proved more efficient in maintaining high-quality assets. When cell-based credit surveillance systems were applied by Kenyan MFIs, NPL ratios and portfolio quality reduced by a great magnitude (AfDB, 2023).
However, the majority of African MFIs exhibit high NPL ratios due to the lack of effective credit management methods. External economic factors, including political instability or economic decline, make it hard for borrowers to repay loans (AfDB, 2021). Technology has emerged as a vital solution to these issues. Online platforms for loan application and payment have streamlined operations and enhanced monitoring methods. These platforms enable the monitoring of borrowers in real-time and make timely interventions when repayments are challenging (Munyiri & Muriuki, 2024).
In Malawi, economic hardships as well as vulnerability to weather dependent agricultural fluctuations dictate the quality of assets. Additionally, high poverty levels and limited access to traditional bank services make microfinance a necessity for micro-entrepreneurs on a micro-level (Chirwa & Ngwira, 2022). However, the conditions also raise the risks associated with lending. Banda & Ngoma (2023) found that low credit appraisal and improper monitoring are the reasons behind the high NPL ratios in Malawian MFIs, with an average of about 12%. Phiri & Banda (2023) found that even though local MFIs might adopt basic credit management techniques, they typically lack integrated approaches to the appraisal of borrowers' risks. While technology and more efficient appraisal techniques have contributed to better credit management in Africa, local socio-economic factors persist. Credit management mechanisms must be reinforced to improve the quality of assets in Malawi’s MFIs and ensure long-term sustainability.
[bookmark: _Toc208592021]1.1.4 Microfinance Institutions in Malawi
MFIs play a leading role in providing financial inclusion and alleviating poverty in developing countries such as Malawi. They offer financial products such as credit, savings, and insurance to microenterprises and the poor, which conventional banks do not. Through this, MFIs empower low-income earners by getting them involved in economic activity, hence fostering economic growth and development.
The Registrar of Financial Institutions in Malawi registers all these institutions, and the Reserve Bank of Malawi licenses and oversees MFIs and categorises them based on their operations, whether as deposit-taking or non-deposit-taking institutions and other microcredit agencies. Under deposit-taking, MFIs are permitted to accept deposits from the public and extend credit facilities. DTMs perform three primary roles: mobilisation of savings by low-income earners (World Bank, 2023), lending through the utilisation of the deposits to finance microloans (CGAP, 2022), and financial inclusion through the provision of savings accounts (Microfinance Barometer, 2023). They must also comply with capital adequacy, liquidity, and AML regulations(e.g. Basel III standards in some jurisdictions; IMF, 2021). Licensed microfinance banks like Kenya’s Equity Bank and Bangladesh’s BRAC Bank benefit from lower capital costs through low-interest deposits and increased client trust thanks to regulatory oversight.
Since the establishment of the first national conference for microfinance in 1997, the industry has expanded dramatically. The government has established laws to regulate the industry, such as the Microfinance Act of 2010. This study will focus on 107 MFIs (Reserve Bank of Malawi, 2024) that deliver financial services to alleviate poverty by providing small loans, savings accounts, and other tailored financial products for low-income individuals and micro-entrepreneurs in Malawi. MFIs have become essential for promoting economic activities and improving local livelihoods. MFIs serve as a gateway to financial inclusion for those who lack access to traditional banking services. These institutions often prioritise empowering women and marginalised groups by providing credit for income-generating activities. Their presence has been associated with increased entrepreneurial initiatives and improved household incomes in Malawi (Chirwa & Mvula, 2021).
Sustainable operations for MFIs rely on effective credit management practices, including thorough credit appraisal, regular follow-ups on loans, and efficient collection methods. The MFIs utilise the group lending methodology, where borrowers form groups to extend guarantees for one another (Kafle & Khamula, 2022). Such arrangements help reduce the extent of defaults and impose group responsibility on the borrowers. Asset quality, in the context of an MFI, refers to the quality of the loan portfolio. Improper credit management practices include the presence of large NPLs in the books, which is detrimental to the financial health of the organisation. Studies confirm that in Malawi, MFIs should apply credit management models to realise better asset quality (Phiri & Chikoko, 2023). Various MFIs have introduced training courses for loan officers to upgrade their risk appraisal and borrower appraisal capabilities. 
MFIs in Malawi have been finding it difficult to ensure high asset quality. For example, FINCA Malawi employs a model based on the concept of mutual responsibility and group lending, successfully managing default risks. In the same context, MARDEF focuses on the employment of group loans, leveraging peer monitoring and peer support to enhance the rates of repayment. MWAI has a special model where it trains and guides women and the young, empowering borrowers with the capability to repay and service their loans successfully. Despite these efforts, MFIs in Malawi are faced with limitations that hamper their efficiency. These include credit management practices, insufficient financing, regulatory restrictions, and competition with informal lenders who may provide more favorable terms but lack responsibility (Manda & Mwale, 2024). In addition, borrowers' capacities to repay are influenced by socio-economic factors that include market volatility and climate change. Through rigorous credit management practices and community-based lending models, these institutions can sustain high asset quality and contribute to improving residents' livelihoods.
[bookmark: _Toc208592022]1.2 Statement of the Problem
The stability and viability of Malawi's MFIs depend heavily on the quality of their assets. Although the industry has extended credit of more than 240 billion Malawi Kwacha (World Bank, 2023), NPLs have increased by 7.9% in 2024, posing a threat to liquidity, loan disbursement capability, and public trust (Reserve Bank of Malawi, 2024). If unaddressed, this could undermine Malawi’s Vision 2063 goals on growth, poverty reduction, and employment (IMF, 2021; Chirwa & Mbewe, 2023). Therefore, it is imperative to strengthen credit policy to protect asset quality and guarantee that MFIs continue to be efficient agents of economic empowerment.  
Research on the factors influencing asset quality yields conflicting results. Tembo & Manda (2021) and Zziwa et al. (2020) emphasised external issues such as financial literacy, regulation, and political stability, while Maina et al. (2020), Mutua (2022), and Mwatela & Ngugi (2023) highlight the importance of credit policies and loan recovery frameworks. There isn't much actual data, though, for Malawi, where both external and internal factors may influence asset quality. To offer insights for policy and institutional resilience, this study examined how credit policy affects Malawian MFIs' asset quality (Maina et al., 2020; Mutua, 2022; Mwatela & Ngugi, 2023; Tembo & Manda, 2021; Zziwa et al., 2020).  
[bookmark: _Toc208592023]1.3 General Objective
The general objective of this study was to determine the effect of credit management practices on the asset quality of microfinance institutions in Malawi. 
[bookmark: _Toc208592024]1.4 Specific Objective
1. [bookmark: _Hlk205923067]To determine the effect of credit policy on the asset quality of microfinance institutions in Malawi.
2. To evaluate the effect of client credit appraisal on the asset quality of microfinance institutions in Malawi.
3. To examine the influence of credit terms on the asset quality of microfinance institutions in Malawi.
4. To assess the effect of credit risk control on the asset quality of microfinance institutions in Malawi.
[bookmark: _Toc187350806][bookmark: _Toc208592025]1.5 Research Hypothesis
1. H01: There is no statistically significant effect of credit policy on asset quality of microfinance institutions in Malawi.
2. H02: There is no statistically significant effect of client credit appraisal on the asset quality of microfinance institutions in Malawi.
3. H03: There is no statistically significant effect of credit terms on the asset quality of microfinance institutions in Malawi.
4. H04: There is no statistically significant effect of credit risk control policy on the asset quality of microfinance institutions in Malawi.
[bookmark: _Toc208592026]1.6 Significance of the Study
The study holds academic significance by contributing localised data and context-specific insights on Malawian MFIs to the wider microfinance literature. It provides empirical evidence on the relationship between credit management practices and asset quality, with emphasis on financial indicators such as NPL ratios and portfolio at risk. Furthermore, the findings enhanced scholarly understanding of challenges in credit appraisal and risk assessment, opening avenues for further research and academic debate.
For those in practice, the study identifies best credit management practices that reduce loan default risks and enhance the sustainability of microfinance lending. It highlighted the importance of strengthening credit appraisal and risk assessment through training and capacity-building for practitioners. By improving asset quality, MFIs were able to expand reliable credit access to underserved rural areas, supporting small businesses and entrepreneurship, while tailored financial products improved client financial well-being and lending effectiveness.
For policymakers, the study offers evidence to inform the development of effective credit policies, covering borrower analysis, loan disbursement, collection strategies, and risk management frameworks. It reinforced the need for cautious lending and consumer protection aligned with international standards, while encouraging the use of objective indicators such as NPL ratios and portfolio at risk for transparency and accountability. More broadly, the findings demonstrate how strong credit management practices strengthen financial sector stability, stimulate local economies, and create employment opportunities.
[bookmark: _Toc208592027]1.7 Scope of the Study 
This study analysed the relationship between credit management practices and the quality of MFIs' assets in Malawi. Specifically, it ascertained the extent to which credit policy, client credit appraisal, credit terms, and credit risk control contributed towards the quality of assets. While other variables measured credit management practices, this study focused on the four variables mentioned above since their significance in the determination of the performance of the loan and the financial stability of MFIs had been demonstrated by various studies (Mwakujonga & Komba, 2024; Munyenyembe & Chikoko, 2022; Chirwa & Mbewe, 2023). 
To achieve these objectives, the study employed a cross-sectional research design. The study was conducted in 107 microfinance institutions registered with the Reserve Bank of Malawi (Reserve Bank of Malawi, 2024). The selection of the institutions was warranted because their registration with the Reserve Bank ensured that the institutions complied with formal regulations and that the institutions were legally recognised, making data easily accessible and enhancing the generalisability of the results (International Finance Corporation [IFC], 2020; World Bank, 2023; CGAP, 2022). The study focused on their performance in the 2025 fiscal year, utilising the financial reports from that year. An analysis of these registered MFIs highlighted industry-wide trends and issues, culminating in the formulation of policy strategies based on evidence to enhance asset quality and financial stability in the microfinance sector.
[bookmark: _Toc208592028]1.8 Theoretical Framework
A theoretical framework served as a foundation for research, providing a perspective through which the researched phenomena were deconstructed and comprehended. It applied the theories and concepts available to guide researchers in organising and interpreting data, making the research fit known knowledge. The framework also helped in hypothesis formulation and the examination of variable relationships. The framework included information asymmetry theory, behavioural finance theory, contract theory, and credit risk theory. Akerlof’s (1970) concept of information asymmetry highlights situations where one party in a transaction holds more information than the other, leading to distorted decisions. In Malawi’s microfinance sector, borrowers typically have a better understanding of their financial status and business risks than lenders, which creates challenges in credit policy and client assessment. This imbalance often results in adverse selection, where MFIs unknowingly lend to high-risk clients and moral hazard, where borrowers engage in riskier behaviour after receiving credit (Gatuhi, 2013). To address this, MFIs should strengthen credit appraisal processes and enhance information-sharing mechanisms to reduce information gaps.
Behavioural finance, developed by Kahneman and Tversky in the late 1970s, highlights how psychological biases affect financial decision-making. In Malawi’s MFIs, recognising client tendencies such as overconfidence in repayment ability or short-term spending priorities can improve credit appraisal. By incorporating these insights and offering financial training, MFIs can enhance clients’ decision-making and strengthen asset quality (Zidana et al., 2024). Contract theory, as advanced by Holmström and Hart, explains how agreements manage information asymmetry. In microfinance, clear contracts with well-defined terms, payment schedules, and covenants align incentives between borrowers and lenders. For example, requiring borrowers to submit regular financial statements enables MFIs to monitor credit use and stability, thereby lowering default risks (Domonoske, 2016).
Credit risk theory provides models for measuring and managing default risk, with Merton’s (1974) model being a key framework. The model evaluates the probability of borrower default and its impact on lenders. Within Malawi’s MFIs, effective credit risk management ensures asset quality and financial stability by detecting potential defaults early and implementing corrective measures. Moreover, factoring in macroeconomic conditions and borrower behaviour helps MFIs design proactive strategies to minimise risk and reinforce lending outcomes (Ndwiga, 2010).
[bookmark: _Toc208592029]1.9 Conceptual framework
Grant & Osanloo (2014) explain that a conceptual framework serves as a research blueprint, outlining key concepts, theories, definitions, and assumptions that guide a study. It provided a theoretical foundation, helped refine research questions, and directed the choice of methodologies and data analysis techniques (Mugenda, 2003). A conceptual framework also visually represents the relationships between variables in a study. This research employed a conceptual framework (Figure 1) to illustrate the relationships between asset quality (dependent variable) and factors such as credit policy, client credit appraisal, credit terms, and credit risk control (independent variables). The framework ensured the research was focused, systematic, and transparent in presenting the design and findings.
Independent variables:					Dependent variable:
Credit management practices				      Asset quality	
Credit policy
· Credit limit
· Collection policy
· 
Client credit appraisal
· Client character
· Collateral characteristics
 
 


         Credit terms
· Interest rate
· Credit period
           Credit risk control
· Continuous risk assessment
· Monitoring systems


          Asset quality.
· Non-performing loans


                                                       




Source: Researcher (2025)

Figure 1: Conceptual framework
This was adopted from the conceptual frameworks used by Karanja & Simiyu (2022), Mboe & Kavale (2023), and Mwangi (2021) in their articles “Credit Management Practices and Loan Performance of Microfinance Banks in Kenya, Credit Management and Financial Performance of MFIs in Mombasa County, Kenya” and Effect of credit management on asset quality of microfinance institutions in Nairobi metropolitan area respectively. 
A credit policy outlines the guidelines for the lending decision-making process for MFIs, including the criteria for the selection of borrowers, acceptable collateral, and approval and monitoring procedures. Its primary purpose is to standardise the lending process, reduce credit risk, and maintain asset quality through maintaining a balanced portfolio (Afolabi et al., 2020). Client credit appraisal considers the creditworthiness of the borrower based on the "5 Cs" of credit: character, capacity, capital, collateral, and conditions. Appraisal ensures that the correct borrowers are targeted, resulting in improved loan performance and safeguarding of asset quality (Edwin & Omagwa, 2018). 
Terms of credit determine the terms of the loan, the interest rates, payment durations, and fees. Having the right terms commensurate with the borrowers' abilities ensures prompt payments and reduces the likelihood of default, hence better asset quality (Kadima et al., 2022). Credit risk control ensures that default losses are as low as possible by monitoring the portfolios, setting credit limits, and implementing debt collection procedures. Effective risk management leads to improved financial performance by identifying and mitigating future risks (Kadima et al., 2022). 
Asset quality indicates the quality of their loan portfolio, with high asset quality representing low NPLs and financial stability. High asset quality in Malawi requires holistic credit management mechanisms, like stringent assessments of borrowers, monitoring, and credit oversight. Credit policy, credit officer training, and stringent recovery mechanisms reduce default rates and improve institution sustainability (Chikalipah, 2021). Implementing a credit policy, conducting stringent borrower evaluations, offering suitable credit terms, and exercising reasonable risk control is crucial for Malawi’s MFIs.


















[bookmark: _Toc208592030]CHAPTER TWO
[bookmark: _Toc208592031]LITERATURE REVIEW
[bookmark: _Toc208592032]2.0 Introduction
This chapter presents an overview of the relevant theoretical and empirical literature consulted in the study. The theoretical review covers the following concepts, respectively, regarding the information asymmetry theory, behavioural finance theory, contract theory, human capital theory, and credit risk theory. The empirical review addresses the correlation between credit management practices – such as credit policy, client credit appraisal, credit terms, training and capacity building, and credit risk control – as independent variables and asset quality, the dependent variable. The chapter also establishes the research gap covered by the research.
[bookmark: _Toc208592033]2.1 Theoretical Review
A theoretical framework provided the foundation or rationale for a study. This study was guided by information asymmetry theory, behavioral finance theory, contract theory, and credit risk theory. Research showed these theories could explain credit policy, client credit appraisal, credit terms, and risk control.
[bookmark: _Toc208592034]2.1.1 Asymmetric Information Theory
Akerlof introduced this theory in his 1970 publication, "The Market for Lemons: Quality Uncertainty and the Market Mechanism, which has remained a cornerstone for the explanation of credit policy (Akerlof, 1970). The theory had initially focused on the second-hand car markets, but other authors, including Michael Spence (1973), Joseph Stiglitz (1975), and Michael Rothschild, generalized the applicability to financial markets through their work. Information asymmetry characterizes a situation in which one party in a transaction possesses more or superior information compared to the other party, inducing a disparity in the making of choices. Information asymmetry has broad applications in economics and finance in the description of market inefficiencies, adverse selection, and moral hazard (Akerlof, 1970). In the insurance industry, for instance, the policyholders may hide aspects related to their health, and this results in adverse selection. 
Recent research has widely utilized the theory in the examination of the interaction between lenders and borrowers in various credit markets, for instance, microfinance in the third world, for example, in Malawi. The theory provides lenders with the instrument for the resolution of problems in determining borrowers' creditworthiness and the composition of effective credit contracts (Chirwa, 2022). In the identification of the problems of adverse selection and moral hazard, the theory facilitates the formulation of a credit policy that maximizes lending efficiency. On adverse selection, the lenders may unknowingly provide credit to borrowers with an outstanding level of riskiness owing to ignorance. On moral hazard, the borrowers may engage in riskier projects after the provision of the credit, since the lenders face the risk. Borrowers typically have more information regarding repayments to the lenders (Osei, 2021).
Chikoko & Makina (2022) used the theory in the analysis of the role credit policy plays in MFIs in Malawi. They discovered institutions with more stringent credit policies exhibited decreased default and enhanced profitability. Chirwa (2022) also demonstrated the effective role credit policy plays in the reduction of risk caused by adverse selection. Kumwenda & Mvula (2023) dug into the role the credit policy has had on the asset quality in MFIs in Malawi, and discovered that institutions whose credit policy was good exhibited superior asset quality and decreased risk of default. In the asset quality area, Osei (2021) discovered refined measures in the credit appraisal lead to an increase in quality in the pool of loans through the reduction in borrowers at a significant risk. Kakoma (2023) also employed the theory in the description of the means of reducing risk by stating the need in the setting of the stipulations on the collateral, the mechanism in the credit scoring, and the surveillance of the borrowers at regular intervals in an attempt to cut the risk.
The theory guided this research through providing a framework upon which the problems experienced by the lenders in the assessment of the creditworthiness of the borrowers were explained. It contributed towards the identification of the essential aspects affecting the design of the credit policies and the efficiency of the credit management practices in MFIs. Notably, the theory described how the credit policies designed by the MFIs in a bid to decrease the risks encountered in defaults and construct asset quality. The research contributed towards the determination of the level at which the policies had mitigated the size of the information asymmetry and enhanced asset quality through the analysis of efficiency in the prevailing credit policies. The findings arrived at through the execution of the recommendations based on the theory on the enhancement of the credit management practices in MFIs contributed towards better lending practices and improved asset quality in the Malawi microfinance industry. 
Asymmetric information theory observes situations where one person knows more at the time of the deal than the other. The aspect is beneficial in economics, but some new research portrays shortcomings, especially today. The theory presumes everyone will act rationally in response to the current knowledge. However, factors like overconfidence can mess things up. Critics say the theory makes credit markets seem more straightforward than they are. They also think it misses how institutions and culture shape credit policies (Khan, 2020). Some argue that it focuses too much on adverse selection and ignores how credit policies affect social well-being (Rahman, 2022). Mvula (2023) believes the theory overlooks other significant factors, such as the economy and how borrowers act.
Cheung et al. (2021) found that in real estate, buyers from other places often overpay because of biases, not just because of a lack of information. This shows how our thinking can make markets work differently. New tech, like big data and AI, is helping close the information gap. Real-time data and predictive tools give everyone better access to their needs, making the theory less relevant (Santos & Martinez, 2022). For instance, blockchain technology helps with peer lending by reducing adverse selection. Downing (2024) revisited Akerlof’s Lemons Model and showed that rules and market changes often fix these information gaps, preventing total failures. Tools like reputation systems and warranties help markets balance out over time.
The theory does not sufficiently explain the impact institutions and regulations have in filling gaps in information. Kim & Zhang (2023) showed that stricter reporting by companies in East Asia had bigger investor confidence and fewer stock picking issues. You cannot separate the effect of gaps in information in real life since most other factors, for example, culture, affect the outcome. Li et al. (2020) found regional and institutional disparities in the analysis of the information gaps in the insurance markets. The theory treats the information gaps as constants but changes over time with interactions and developments in tech. Alvarado & Singh (2023) studied the supply chains and concluded that learning and collaboration reduce the gaps as the relations grow. This means the theory needs to develop over time with existing ideas and technology.
[bookmark: _Toc208592035]2.1.2 Behavioral Finance Theory
Daniel Kahneman and Amos Tversky developed behavioral finance in the late 1970s and the early 1980s by revealing the degree to which the behavior of humans varied from traditional economic rationality hypotheses. Kahneman was awarded the Nobel Prize in Economic Sciences in 2002 for the development of the theory. The theory examines the degree at which mental elements and mental bias play in financial decision-making and the outcome in the marketplace compared with traditional hypotheses suggesting rational decision-making. Heuristics or mental shortcuts are universal decisions, but can lead to bias. Anchoring is over-reliance on key data, whereas loss aversion is loss avoidance compared with gain search. An example is where the investor irrationally holds losing companies compared with selling the companies, even though it would save the investor economically (Kahneman & Tversky, 1979). 
Behavioral finance theory examined the degree to which mental and emotional elements impacted the decision-making approaches among lenders and borrowers. The theory observed that people made universal financial choices differing from rationality and attaining suboptimal outcomes (Munyenyembe et al., 2023). When analysing the creditworthiness of the clients, the theory observed the consideration of the qualitative elements such as the confidence level of the borrowers, perceived riskiness level, and behavioral characteristics in addition to the quantitative data (Chirwa et al., 2022). There has been an extension of the behavioral finance theory even into microfinance. Munyenyembe et al. (2023) studied the extent to which the psychological elements affect the lending practices among the clients in Malawi. From the research conducted by them, the perception by the clients about the creditworthiness had a significant effect on the payment and the lending practices. From the theory, the analysis can better establish the extent to which the psychological elements affect the credit judgments and the extent to which the MFIs can extend the credit management approaches. The client perceptions and the client habits can be corrected, thereby leading towards improved asset quality. He claims psychological reasons may cause the abnormal actions in the marketplace. Others call this argument too simple for the sophisticated world of finance. 
Shiller (2020) noted that emotions do not always predict market patterns, even though they play a significant role in decision-making. Fama (2021) stated that behavioural finance lacks a solid framework for predicting market behaviour. He pointed out that while biases exist, they do not always lead to consistent mistakes in pricing. Barberis & Thaler (2021) discussed how behavioral finance struggles to predict long-term outcomes. They found that short-term mispricing may happen, but it does not often affect asset quality. This means that relying too much on this theory could lead to poor credit management if the fundamental analysis is ignored (Baker & Wurgler, 2022). Adding psychological factors into financial models complicates things and requires data about people's behavior. While behavioral finance helps us understand clients better, especially in lending, it does not cover everything.
[bookmark: _Toc208592036]2.1.3 Contract Theory
Oliver Hart and Bengt Holmström developed the contract theory, for which the two economists won the Nobel Prize in Economics in 2016. Contract theory examines the form of the contract in attempting to solve problems of conflict of interest and incentive alignment among agents. Contract theory formalizes the account of the manner in which the conditions in the contract are created, particularly credit control processes and asset quality. Contract theory addresses the formation of agreements, i.e., the conditions of the loan, where there is asymmetric information and even opportunism. Contract theory attempts to constrain agency problems, bring about cautious behavior, and safeguard the interests of creditors in a way that does not betray fairness to borrowers (Hart & Holmström, 1987). 
Modern texts have applied the theory of contract to the relationship between the quality of repayments and the credit terms. Kachale & Banda (2021), for instance, considered the role of individualized payment durations in Malawian MFIs on the extent of defaults. Mwenda & Chirwa (2022) examined the role of interest and collateral on borrowers' responses in rural microfinance projects in Malawi. Similarly, Ndhlovu et al. (2023) examined the role of adaptive credit terms in promoting the financial inclusion of business-owning women in Southern Africa. In the study, the theory was applied as a tool to examine the extent to which the quality of credit terms influenced the quality of assets through the quality of repayments. It also assessed the extent to which structured credit contracts alleviated the outcome risk of default and contributed to asset quality improvement in MFIs in Malawi. The theory further revealed the added value of individualized credit terms (e.g., adaptive payment durations or reduced collateral) in improving accessibility without compromising institutional sustainability.
One issue, however, was that the theory assumed people acted rationally under complete information, which was not the case in the real world. Borrowers did not necessarily understand credit terms well. Zhang et al. (2021) showed that many borrowers were confused about fees and made flawed financial choices. Moreover, the model did not consider the effect of emotions on decision-making. Sentiment has been shown by Smith and Jones (2023) to significantly affect borrowers' actions, and the simple models do not consider this. 
The theory also falls short regularly in addressing the influence the economy places on borrower choices. Johnson (2022) explained that conditions such as job loss and inflation can influence borrower behavior, which the theory typically ignores. That places undue expectations on the nature of the loans. Lastly, the abstract nature of the theory can be implemented in practice. Lee et al. (2024) explained that the theory offers good background on incentive explanations, but in depth, it may obscure the picture for credit managers, making the task hard to measure risk and design contracts. It provides a good background in learning the fundamentals of credit management contracts. However, it comes in for criticism in its assumptions about rationality and the lack of influence from emotional influences, paying little attention to outside influences and the hardship in making it practical. Such concerns indicate the need for interweaving classical notions with practical observation.
[bookmark: _Toc208592037]2.1.4 Credit Risk Theory
Credit risk theory incorporates many models and concepts that calculate and control credit risk. Among the models created by Robert C. Merton in 1974 is the Merton Model. The model uses the option pricing model in calculating the borrowers' default risk from the equity of the firm as a call option on the assets. Credit risk control is the measures and procedures that financial institutions, including MFIs, follow in controlling the risk of financial loss from borrowers defaulting on the loans. This involves assessment of credit creditworthiness of the borrowers, a monitoring process on the defaulted loans and procedures to curb the possible losses. When the credit risk management is effectively implemented, the financial stability of the MFIs is guaranteed, especially in such economically unstable countries as Malawi (Chirwa et al., 2022). The theory explains how the understanding and measurement of lending risks should take the formal form. 
The theory helps financial institutions to better decide on the lending extension as well as determine the interest rates and obligation reserves in accordance with the measured degree of risks (Chirwa et al., 2022). By using the theory, MFIs will be able to better estimate defaults and, therefore, will welcome loss mitigation measures provided the situation warrants such action. Credit risk theory has been implemented in various microfinance applications by a new research endeavor. Chirwa et al. (2022), for example, implemented research on the credit risk management practices in MFIs in Malawi on the adoption of the credit risk theory towards the analysis of the implications for asset quality as well as the performance of institutions. The evidence revealed the presence of a critical association between the qualities of credit risk management and the enhancement of the asset quality towards the MFIs' improved long-run sustainability. The theory will enable the analysis of the extent of the degree to which the credit management practices adhere to the aspect of asset quality. Understanding the theory of credit risk control will enable a better analysis of the current practices towards MFIS in Malawi and the implications for financial stability.
The model focused on estimating the probability of borrower default. However, it has been criticized for considering too much past data, which might not capture sudden economic changes or borrowers' habits (Jorion, 2021). Traditional credit models do not handle macroeconomic variables well. Their work proved that considering only outdated data leads to biased results during recessions (Altman & Sabato, 2022). Models like the Merton Model simplify by considering constant states (Brealey & Myers, 2023). The models also underestimate severe perils as they consider normal distributions, which never happen in extreme cases. These criticisms indicate that we need more advanced methods for better credit management (Jarrow & Turnbull, 2023). Jarrow & Protter (2024) added that the quantitative methods used in credit risk are flawed. These models ignore major perils and need to be accompanied by stress tests and different scenarios. While credit risk theory provides substantial information, it must handle fundamental economic changes better and include qualitative judgments to be more effective.
[bookmark: _Toc208592038][bookmark: _Hlk206065440]2.2 Empirical Review
[bookmark: _Toc208592039]2.2.1 Credit Policy and Asset Quality
The interaction between asset quality and credit policies in MFIs has been thoroughly studied in various geographies with various economic and regulatory conditions. MFIs play a central role in the extension of financial products and services towards the underserved populations, especially in developing economies. The viability and efficiency of the institutions depend on the association between the credit policies and the asset quality. The main objective of the credit policies is the maximization of the revenue generated through the operations of the credit, with the proper management of the risk. A proper credit policy can help in the improvement of the quality of the assets through a decline in defaults and the proper disbursal of credit towards deserving borrowers. 
A longitudinal analysis on the effect of microfinance on poverty reduction in Bangladesh was performed by Khandker et al. (2021) based on development economics and microfinance theory. Using panel data collected from around 3,000 households in 87 villages over two decades, the study employed fixed-effects regression models to assess the effects of microfinance participation. The findings revealed that microfinance significantly reduced both moderate and extreme poverty, particularly benefiting female borrowers through increased income, asset accumulation, and educational outcomes. Positive spillover effects were also observed at the community level. The study concluded that sustained access to microfinance, alongside complementary services, is crucial for long-term poverty alleviation. They also reported that the MFIs with strong credit assessments possess lower default rates because their stringent evaluation procedures ensure better selection of the borrowers, leading to better quality assets.
Another study was done by Chen et al. in 2023. They conducted a cross-regional analysis in Africa, Asia, and Latin America and discovered best practices in credit policy development that invariably enhanced asset quality, including borrower education, transparent terms, and strong monitoring mechanisms. The study focused on variables such as borrower education, contract transparency, and monitoring intensity, using panel data from multiple countries and institutions, applying econometric models, such as fixed-effects or system GMM, to analyse their impact on non-performing loans. Information was relied on institutional reports and surveys, and a large sample, along with many years, was considered. In their results, they found that transparent loan terms, frequent interaction with borrowers, and proper control had a serious effect on decreasing default rates. Nevertheless, the utilization of data at the institutional level means that significant borrower-level data may be overlooked, and regional variables on policy prescriptions may reduce the generalization of recommended policies. Also, there is no cost-benefit analysis to rule out the possibility of the said practices within small MFIs.
In the case of regulatory impacts on credit policies in microfinance institutions in Serbia and Croatia, a study by Novak and Petrovic (2021) was carried out. The study was based on a mixed-methods design and panel data extracted from 20 MFIs (2015 to 2019) and interview data to encompass regulatory compliance, lending volume, NPL ratios, and capital adequacy. Applying the fixed-effects regression and robust tests, stricter EU compliance produced the impact of more conservative lending by MFIs and higher asset quality and lower default as its consequences. Small sample size and time limit the applicability of the research work to a broader level, and the absence of information about the borrowers and the use of informal credit offer some gaps in the image of the overall regulatory impact.
In Saudi Arabia, another research undertaken on MFIs in Riyadh and Jeddah was about the influence of gender-sensitive lending practices on the rate of loan recovery among female borrowers. This paper was written in 2023 by Al-Mansoori and Zahrani. On the data relating to 5,000 loans that originated between 2019 and 2022 and on which they applied a quasi-experimental design and difference-in-differences regression, they showed that women-tailored loans resulted in a 3-4 percentage point increase in repayment rates. Important variables were loan conditions, demographic characteristics of borrowers, and performance of the recovery. Although the methodology had a good internal validity, the small geographic coverage and concentration of the portfolio level hinder wider applicability. It also failed to present understandings on the factors of the borrower, as well as the lack of financial sustainability and unintended outcomes, including the omission of male borrowers from gender-sensitive lending methods.
The Muriuki and Mwangi research in 2023 revealed that the integration of local practices and social networking in Kenyan MFIs' credit policies improved the recovery on loans. Adopting a mixed-methods design, the research aggregated borrower surveys and institutional data in examining the influence of culture-embedded practices such as peer guarantees and local oversight. The research findings showed that such localized approaches had improved the repayment results. Conversely, research from India identifies the transformative effect of digital technology in the reshaping of credit policies, where digital platforms and mobile tools have enhanced the efficiency in monitoring and in repayments. Such research applications commonly employ econometric analysis in institutional ledgers over several years. Although both research methods reveal the positive effects on the quality of the assets, the criticisms refer to the shortcomings, such as the limited geographic focus, the lack of a borrower-level perspective, and the non-inclusion in the evaluation on the basis of the costs, where the MFIs have limited resources. 
In 2024, Kumar et al. surveyed Benin and the impact of mobile technology adoption on the productivity level of food suppliers. The researchers employed a structural model in analysing the digital adoption-productivity outcome relationship. Surveys and interviews were conducted on data from food suppliers in Benin and then subjected to analysis. Internet connection, mobile technology adoption, and measures of the level of performance were included in the analysis by the researchers in a bid to look at the role played by digital adoption. The researchers employed econometric approaches in analysing the data and examining the effect of mobile technology adoption on the level of performance. The sample size included a large population of food suppliers from various areas in Benin in an effort to have the complete picture of the effect being sampled. The findings from the research indicated the adoption level of mobile technology and the quality level of broadband, enhancing the performance level among the food suppliers. Even though the research highlights the effect caused by mobile technology adoption in the short-term research conducted, some areas should be taken into consideration: Geographic Scope: The research was done in Benin, and the reason behind the research may not show the diverse conditions in other areas in Sub-Saharan Africa in a complete picture. Sample Representation: The research was done on food suppliers, and the research may not generalize to other areas or microfinance institutions. Long-Term Effect: The research was more focused on the short-run gain level in the level of performance, whereas the long-run effect, as well as the level at which the effect is scalable, was never addressed in the research (Kumar et al., 2024) 
Mensah and Owusu (2023) investigated the role of economic fluctuations on bank lending practices in West Africa through the lens of macroeconomic and financial intermediation theories. With a quantitative method and the analysis of secondary data from West African banks, the research illuminated that economic slowdowns induce more cautious lending practices by banks and tighten credit policies at these times. The authors opined that comprehension of these dynamics is vital for policymakers in preserving financial stability and encouraging sustainable economic growth. The authors have emphasized that macroeconomic conditions have an impact on the credit policy of the developing economy and banks moving closer to the criteria during the recession phase to ensure the quality of their assets. Moreover, it was found that the culture influences the borrower behaviour and the tendency to repay in the African countries. 
Research about the effect of credit management practices on the financial performance of the small and medium-sized enterprises (SMEs) in Kisii County in Kenya was conducted. The influence of credit policies, conditions, collection processes, and appraisal methods was measured in terms of the descriptive survey design with 150 respondents among 1,500 SMEs. Each of the practices had a substantial effect on the financial performance (p-value = 0.000), and regression analysis revealed that performance variation of 69.8 per cent was explained by the practices. The paper has found that good credit management approaches play an important role in improving the financial performance of the SMEs, and it has given advice on how to embrace good credit policies, do proper credit analysis, proper credit ceiling, as well as good collection procedures (Osoro et al., 2024). 
In their article, Osei et al. (2022) wrote that the quality of the assets of some Ghanaian banks is enhanced by a significant margin due to the implementation of elaborate credit risk management systems. They observed that banks that had appropriate measures of credit appraisal were capable of detecting potential high-risk borrowers in their initial stages and restricting potential loss. Credit appraisal is the assessment of the paying capacity of the borrower on the basis of income, employment, credit history, and liabilities outstanding, and placement of reasonable credit limits on the basis of the financial strength and credit rating. 
Alhassan et al. (2021) also supported this study, in which they determined the determinants of NPLs in Ghanaian banks based on the financial intermediary hypothesis and credit risk hypothesis. They examined the data on about 25 to 30 banks on the yearly time scale using the dynamic panel data model and fixed effects estimator technique, which was confirmed using Hausman tests. Parameters on bank-specific factors that were included in the study include capital strength, operating efficiency and credit dispersal, whereas on macroeconomic factors, the study included inflows in remittances. The researchers used system GMM strategies in addition to Panel Ordinary Least Squares (OLS) to render the research even stronger and to control the situation involving the presence of endogeneity. These results showed that a proper capital buffer, proper functioning, and positive inflow in remittances were effective in containing the level of NPLs, but forceful dissemination of credit presented an increment in the NPLs. The authors insisted on stringent credit actions and an adequate assessment process in assessing loans in order to reduce credit risk. Despite the fact that the method falls in line with the best practices in the research of banking in Sub-Saharan Africa, there is a danger that the yearly data will exclude the short-run fluctuations. In addition, the set is small, which makes the generalizability of the findings not high in small or rural banks. The research focuses more on the internal bank parameters and dismisses the macroeconomic and policy dynamics (Alhassan et al., 2021). 
Sharma and Singh (2023) investigated credit scoring model adoption in the microfinance institutions. This found that good credit score techniques minimised NPL to a great extent, which improved the performance and security of the loan. Their efforts validated the concepts of big data-driven decision-making when they discovered that microfinance institutions with complex credit scoring criteria recorded lower NPL ratios than those that relied on informal evaluation. The two analyses point towards the importance of formal credit management practice in regulating the level of NPLs and creating financial stability. 
Gonzalez et al. (2022) analysed the extent to which Colombian microfinance institutions (MFIs) had implemented credit policy adaptation dynamics through cyclical economic periods with the use of dynamic instruments, including real-time credit scoring. Using a quantitative cross-sectional research design, they assessed the transactional differences of approximately 10,000 loans between 2018-2021 between two medium-sized MFIs using the measures of logistic regression as well as the measures of ROC and AUC that were tested via the process of k-fold cross-validation. Their results showed that the credit, which was evaluated using the session of real-time scoring, reduced the defaults significantly by approximately 1.8 percentage points during slump sessions than the static methods, implying that the dynamic evaluation of credit is likely to enable the MFIs to respond rapidly to economic strains. Nevertheless, due to the narrow focus on two MFIs of Colombia, it does not allow generalizing much, and the lack of demographic-level data on the borrowers and cost-benefit analysis complicates the assessment of the efficiency level of the system, as well as at the scale level of the systems in the smaller institutions. In addition to the fact that a properly designed and well-structured credit policy is excellent, the majority of MFIs can be described as entities which face implementation difficulties that lie on the sidelines of insufficient verifiable borrower data, superior operating costs, and regulatory restrictions. 
The World Bank Group (2022) reported that the regulatory environment usually constrains new lending models and has the potential to compromise asset quality. Cultural aspects may also limit the implementation of a stringent credit policy, and the MFIs should strike a balance between managing risk and financial inclusion. Future studies should focus on designing credit policies sensitive to local environments and the use of technology for extended risk measurement. The use of machine learning in the areas of predictive analytics has the potential to upgrade the asset quality through the enhancement of forecasting of borrowers' behavior. Long-run studies may equally assist in unveiling the long-run implications on the performance of the MFIs through the implementation of credit policies with proper consideration given to economic environments, cultural aspects, technology, and the regulatory environment.
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Credit analysis of customers is the method through which banks confirm whether a customer has the potential to repay a loan. They consider someone’s payment record, potential to repay, and whether the business stands a likelihood of success. That goes a long way in mitigating the chances people will default on the repayments. Kumar and Singh (2024) performed a systematic review to investigate the psychological and cognitive attributes that influence the cost-repaying potential of borrowers. The researchers searched full-text articles issued in 1980–2019 and used databases such as Science Direct, Emerald, and Scopus, and selected 27 studies on the topic that had examined aspects such as integrity, risk perception, and economic knowledge. These studies were analysed to identify recurring themes and conceptual relationships between psychological characteristics and repayment behavior. The instruments used in the reviewed research included various psychological assessment tools and borrower surveys. While the review provided a solid theoretical foundation and identified key behavioral influences, it had several limitations. It relied on outdated data, lacked direct empirical evidence from India, and did not employ meta-analytic methods to assess the strength of relationships. 
For stronger future insights, the authors recommend conducting current, India-focused empirical studies and applying quantitative techniques to assess the impact of borrower psychology on loan performance. A study conducted by Akinola et al. in 2021 examined whether detailed credit scoring, utilizing machine learning, could reduce loan default rates in Nigerian MFIs. They applied a 50,000-borrower dataset and tested five prediction models, where the Gaussian Naive Bayes model exhibited the highest degree of accuracy. While the study remarkably shows the potential of data-driven approaches, the paper omits details on model validation, data pre-processing, and interpretability. Accuracy was the sole focus of the paper, despite the availability of other usable measures and the absence of explanations for model decision-making. More extensive evaluation protocols and more informative reporting would strengthen future research. 
Chukwuma & Nwankwo (2022) examined the influence on loan performance of the adoption by Nigerian banks of the latest analytics. The outcome was that banks adopting predictive analytics performed better in assessing borrower performance and experienced fewer defaults. Although the finding reiterates the potential for decision-making through data, the paper lacks a description of the methodology, sources for the data, and controls for other determinants of the loan outcome. Thus, even though the outcome is promising, non-disclosure limits the validity of the research. Future research should provide more detailed descriptions of the methodology and controls for possible determinants of the loan outcome.
Osei et al. (2021) in Ghana investigated the importance of combining “hard” data, such as credit histories, with “soft” data, including business practices and management expertise, in loan evaluations. A mixed-methods research design was employed, where quantitative information was collected from the credit histories of SMEs and qualitative information was gathered through interviews with business owners and loan officers. The research most likely employed statistical methods to examine the predictive significance of the above-mentioned variables, in addition to a thematic analysis of the qualitative feedback. Although the methodology provided a more balanced perspective on borrower riskiness, the study was deficient in providing details on sampling strategies, the consistency of soft skill evaluation tools, and the examination of statistical interactions between the variables. 
Subsequent research needs to fill these shortcomings by providing representative sampling, valid measurement instruments, and controlling other determining factors in order to make results more robust and transferable. The banks that included the exercise of professional judgment aside from these models had more accurate credit analysis and had smaller percentages of non-performing loans. Moyo and Nkosi (2023) examined the effect of credit risk assessment methods on customer judgments in the banking sector within South Africa by employing a mixed-methods design involving questionnaires and interview schedules. The finding was that the usage of standardized models boosts efficiency but ignores important individual borrower data. Details regarding sampling in depth, statistical methods employed, and the reliability of the qualitative analysis were lacking in the research. Although the recommendation to blend quantitative tools with human judgment is sound, stronger empirical evidence is needed to fully support this approach.
The study by Chukwuma et al. (2024) applied social capital and relationship lending theories through a qualitative study involving interviews with Nigerian microfinance loan officers. Their analysis reveals that personal relationships between lenders and clients promote trust, enhance character assessments, and help mitigate information asymmetry in contexts where formal credit data is lacking. Together, these studies underscore the importance of both behavioral data and relational dynamics in enhancing credit evaluations and loan performance. The importance of strong lender-borrower relationships is emphasized for more successful loan outcomes. Collateral remains essential for securing a loan. Another research was done by Adetunji et al. (2020) on real estate security preferences and valuation issues, as most available references discuss valuation challenges in other countries (e.g., Ghana, Nigeria, Ethiopia). However, the core finding that real estate is the dominant form of collateral but is plagued by valuation inconsistencies is well-supported by the broader literature, which commonly identifies issues such as unstandardized methods, unreliable market data, and insufficient regulatory frameworks. 
Muthoni et al. (2021) discovered that Kenyan MFIs employing stringent appraisal practices experienced fewer defaults. Such practices included verifying cash flow and familiarizing borrowers. The study relates to the objectives of Muthoni and Ndung’u (2021) as it examined the relationship between asset quality and credit management approaches among MFIs. Both articles refer to the importance of good credit management to reduce instances of loan defaults and ensure a good loan portfolio. The quality of the assets, which is usually measured by default rates and NPLs, is also placed as one of the significant determinants of the success of the institutions. Using an empirical research approach, the research team relies on surveys and financial reports to discuss the implications of credit management processes on asset performance. Their findings are helpful in regard to improving sustainability in the MFI sector and financial inclusion. However, the studies are different regarding scope, setting and methodological orientation. Muthoni and Ndung’u (2021) concentrate on credit assessment strategies, especially by assessing the cash flow and financial behavior of the borrower. 
On the contrary, the present study adopts a comprehensive approach to the entire credit management system, encompassing appraisal, disbursement, monitoring, recovery, and enforcement. The microfinance environment in Kenya, however, is better in terms of infrastructure and technology compared to microfinance institutions within Malawi, which are subject to limited resources and whose formal lending is a custom in the informal setting. Whereas Muthoni and Ndung’u emphasised the importance of stringent appraisal procedures, the present study highlights the significance of structured appraisal procedures in credit management, which includes regular staff training, on-the-ground policies, and continuous monitoring to enhance the quality of assets in Malawi. 
Mwangi et al. (2023) and Chukwuma et al. (2024) discussed various methods for measuring client character in the credit-granting process. With the help of credit scoring and behavioral finance theories, the quantitative research design embraces the secondary commercial bank data in Kenya used by Mwangi et al. Their study concludes that behavioral measures such as transactional behavior and payment history contribute much in terms of precision in character measurement and the degree of defaults. Data were gathered by the use of a validated questionnaire and financial statements, using descriptive survey design and census sampling. Correlation and multiple regression were used in performing the analysis according to the research conducted by Mwangi et al. in 2023. They explored how credit management contributes to asset quality construction of 52 microfinance institutions (MFIs) registered by AMFI in Kenya. Credit management was extremely influential on the financial performance, and it varied by 49.1, which was more positive with better practices on capitalizing credits on profitability and better asset quality. Although the study proved to have good internal validity in presenting cause-effect relationships, the fact that it used self-reported data, did not provide qualitative results, and was completely focused and 500 directed on AMFI membership, can restrict its general use. When Mwangi et al.'s research is compared to more thorough studies with mixed methods or secondary data, there are significant quantitative associations that emanate from it. Nevertheless, it may be reinforced with a deeper contextual inquiry. 
Maina and Njeru (2023) researched the issue of whether credit risk management practice influences the recovery of loans taken by digital credit providers in Kenya. By using the descriptive research design and data reported by credit managers, the research was able to achieve the determination that the good pacing of the identification, evaluation, monitoring and control of risks had greatly enhanced the recovery of loans. The study concludes the important role of proper credit risk management and overall credit appraisal in enhancing the repayment rate in the sphere of digital lending.
Another study by Mwangi (2022) examined credit risk management among eight registered MFIs in Nairobi, employing a census approach that yielded 58 valid responses from senior management and loan officers. The study employed an exploratory research design and collected data through structured questionnaires, analysing results using regression analysis. The findings showed that borrower character and collateral checks had a significant influence on financial performance. However, the study lacked details on instrument validation, such as pretesting or reliability testing, and did not include qualitative data that could provide deeper insights. Compared to other studies in Kenya and Uganda, which often use mixed methods and report on instrument reliability, Mwangi’s work, while practically relevant, has limited generalizability and methodological depth. 
Chirwa and Mbewe (2022) investigated Malawian MFIs using a mixed-methods approach informed by credit risk and diffusion of innovation theories. Their results similarly highlight the positive impact of digital tools and data analytics on credit appraisal accuracy and loan outcomes, noting that character checks remain vital in loan decision-making. The study emphasises the growing importance of technological adoption in improving credit risk management within the microfinance sector.
Banda et al. (2024) investigated how poor client appraisal practices, driven by insufficient staff training, affected asset quality in MFIs across Lilongwe and Mangochi, Malawi. The study sampled 60 credit officers and supervisors from five major MFIs using stratified sampling and applied a mixed-methods approach, combining structured questionnaires, validated with a Cronbach’s alpha above 0.75 and semi-structured interviews with 15 key staff. Quantitative data were analysed through descriptive statistics and OLS regression, while qualitative responses were thematically coded. Results showed that gaps in staff training, particularly in client assessment and risk evaluation, contributed to a 12% rise in NPLs. While the mixed-methods design and validated tools strengthened the study, its limited geographic scope and small interview sample may reduce generalizability, and the absence of control variables in regression analysis raises concerns of omitted bias. Similar research in other African contexts stresses the importance of robust validation procedures and broader sampling, suggesting future studies should incorporate wider regional coverage, control variables, and more rigorous instrument testing.
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Credit terms are the terms that lenders impose when giving out loans. These terms vary from the amount borrowed, the interest you pay, the method through which you repay, the security you leave as collateral, and the penalty when you default on a payment. For MFIs, the objective is to offer loans in such a manner that the loans will be made available while avoiding defaults simultaneously. Good credit management guarantees that the financial soundness of MFIs will never be affected. When the credit terms are well structured, with tolerable interest rates and tolerable periods for repayments, it ensures the borrowers will make the repayments in peace. Studies have shown that considerate credit terms will ensure the repayments will be better and minimise the likelihood of people defaulting on the repayments, which is beneficial for the financial soundness of MFIs. 
Adebayo et al. (2020) and Gupta et al. (2024) compared microfinance institutions' credit improvement strategies in different regions. Adebayo et al., based on credit risk and the theory of information asymmetry, surveyed African microfinance institutions quantitatively. Their findings show that intensive credit appraisal practices involving credit scoring, borrower verification, and collateral evaluation tend to reduce non-performing loan rates and increase financial soundness. On the other hand, Gupta et al., who drew on the technology acceptance model and innovation diffusion theory, surveyed Indian microfinance institutions in a mixed-methods approach. Their findings show that digital technologies enable more effective credit appraisal, follow-up, and recovery practices, thereby better performing loans and curtailing operational risks. Both research studies emphasize the significance of accurate credit appraisals and technology adoption in enhancing credit management and institutions' viability. 
A third examined Ghanaian microfinance borrowers in group-lending arrangements through a mixed-methods cross-sectional design, sampling 200–300 participants by stratified or purposive means in order to capture varied group performance. Their model likely borrowed from social capital theory and joint-liability/moral hazard frameworks to account for how the influence of others facilitates repayment as well as the risk of group default. Data were collected through structured questionnaires on the topics of repayment and group processes, as well as through interviews or focus groups for qualitative observations. Data analysis included the integration of descriptive statistics and regression analysis with thematic coding. While the research yields valuable findings, it was constrained by the self-selection and social desirability bias, possible indigeneity, and difficulty in ascertaining causality due to the cross-sectional design. Furthermore, the concentration on social enforcement at the expense of economic and behavioral factors hints at the possibility that more inclusive theoretical frameworks might more adequately account for group-lending performance (Osei & Agyemang, 2023). 
Suleiman and Abubakar (2024) surveyed quantitatively on the influence of education and employment on the payment behavior of Nigerian microfinance clients. Their 250–400 participant sample was randomly or on a stratified basis sampled from urban and rural areas in order to capture variety. The research was premised on the theory of human capital as well as planned behavioral theory in linking education and social influences in arriving at the financial decision. Structured questionnaires were used to collect data from the participants, which were then described statistically and through the regression methods in identifying the important determinants in shaping the repayment. Although the results provided significant findings, the research continued to have constraints such as self-report bias and a narrow focus on structural aspects such as financial education or credit availability. The research was unable to establish the causal effect given the cross-sectional design. Broadening the approach in the theory of behavioral finance could allow a more refined rationale in the payment practices.
Bwire (2021) did a study, embracing the quantitative approach in the analysis on the effect of loan indicators on the stability of Kenyan commercial banks through the analysis of financial statements from about 20–30 banks for several years. On the theory on credit risk and financial intermediation, the study was premised on secondary data from the bank reports and panel regression was employed in the analysis on the interaction between the fast growth in loans and financial instability. Findings emphasized that fast loan expansion can lead to financial difficulties, highlighting the need for strong credit management to maintain asset quality and stability. However, the study’s use of aggregated bank-level data may overlook variations within loan portfolios, and its focus on commercial banks limits applicability to other financial sectors. Incorporating behavioral and macroeconomic factors could further enhance understanding of lending risks.
Adopting a descriptive design and analysing secondary data through regression analysis, Kiprop and Muturi (2023) investigated the influence of loan portfolio composition on asset quality in Kenyan commercial banks, utilising agency and information asymmetry theories.  The study found that commercial, government, and mortgage loans positively impacted asset quality, while personal loans showed no significant effect. Additionally, a focus on short-term lending was associated with improved asset quality. The study recommends portfolio diversification as a strategy to enhance asset quality in the banking sector.
Atieno et al. (2024) examined the impact of credit terms on the management of non-performing loans in Kenyan commercial banks, drawing on theories of credit risk and information asymmetry, and the importance of transparent and well-structured credit terms in enhancing loan repayment and asset quality. Through a descriptive research design and primary data collected from credit officials via structured questionnaires, the study applied descriptive statistics, correlation, and regression analysis. The results demonstrated that clearly defined payment schedules, reasonable interest rates, and consistent enforcement of penalties significantly reduced NPLs. This highlights the importance of standardised and client-oriented credit terms to promote financial sustainability in MFIs the role of structured credit agreements in enhancing loan repayment and mitigating default risk. 
Ochieng et al. (2023) employed a mixed-methods approach to investigate the impact of improved credit terms on financial inclusion and responsible lending within Kibera Slum. They carried out surveys and interviews of about 150 to 250 microfinance clients and loan officers using purposive and convenience sampling. The research article was based on the theory of access to finance and the principles of responsible lending, and the use of self-reported data to obtain the results can be biased. It is not possible to carry out random sampling; as a result, the sample may not be completely descriptive of the larger population, which may end up influencing the reliability of the findings. Furthermore, there would be possibilities of distortion of the data because of self-reporting, which could be skewed by social desirability or recall errors. Further studies are advised to take into consideration the use of random sampling, stratified sampling or triangulation of the data sources in order to ensure greater validity of results and their generalizability. Also use of self-reported information could be a factor that affects the reliability of the results. A more comprehensive theoretical model, which incorporates socioeconomic and behavioral characteristics, as well as data over a long period, would present a more explicit image of the long-run impact of the better credit conditions.
Based on the credit risk and information symmetry theory, Okero and Waweru (2023) observed the impact of credit risk assessment on loan payback at Kenya Industrial Estates Limited. Their method is based on a descriptive research design and a sample of data provided by the credit officers: all of them analysed information using descriptive statistics, correlation, and regression statistics. They determined that comprehensive credit reviews, such as assessment of the profiles of borrowers, credit history and collateral, had a positive effect on the loan performances. This reemphasises the practical significance of proper credit risk assessment in minimising defaults and enhancing of performance of loans in development finance contexts.
Kibera and Karanja (2022) investigated the impacts of improved training of the loan officers at the Kenyan microfinance institutions on risk credit assessment. The descriptive survey was used to target the officers who are within informal settlements around Nairobi. They relied on the theory of information asymmetry, credit appraisal and the portfolio theory to find out that the officers who were better trained provided a better quality of portfolio and fewer defaults. The study, however, failed to be clear on population and sampling size, relied on self-reported findings as well and lacked the views of behavioral finance. Moreover, there was no control group, and minimal comparisons were drawn to that of commercial banking, which decreased the overall applicability of the study and the causal nature of the study.
Mwenda and Muchemi (2021) discussed the effects of flexible repayment plans on the NPLs in Kenyan MFIs. In their quantitative analysis, they found that flexible practices, including grace periods and repayment based on the income level, assisted in incorporating payment arrangements of its clients to match their financial ability. This marriage helped in reducing NPLs by 15 per cent, which is further testimony of the effectiveness of aligning repayments around the cash flow of borrowers.
In addition, Chirwa et al. (2022) carried out a quantitative study that assessed the impact of a borrower-based lending approach on the quality of assets of MFIs. The study, which was founded on behavioral finance and credit risk theory and analysed the data collected about an estimated 150 to 300 participants, was probably done using purposive sampling or stratified sampling, and the use of self-reported data provides an element of bias. Socially desirable answers or question misinterpretation could have been given by the participants, which could influence the assessment of the results. Furthermore, there is no longitudinal data, and therefore it is not possible to examine the consequences of the interventions on credit access over time. In future research, randomized sampling will be a consideration to use, objective financial records should be used, and a longitudinal research design will succeed other research methods to improve the validity, reliability, and generalizability of research findings regarding microfinance access and its long-run implications in low-income urban areas. The follow-up was too long, therefore questioning the robustness of the study. The results would have been reinforced with the addition of quality information and wider context aspects.
Phiri and Mbewe (2023) have been interested in the impact of interest rate manipulations on asset quality of Malawian MFIs, particularly those of smallholder farmers. Through the structured questionnaires, they surveyed 200 MFI borrowers and employed descriptive statistics and multiple regression to analyse the data. Their findings indicated that the reduction of interest rates increased loan repayment, which implies that low-priced assets do result in better asset quality. Nevertheless, the research had limitations, such as the use of self-reported data and the omission of such factors as the seasonal change in income and the demographics of a borrower. The authors proposed including demographic characteristics, age and employment in future studies and mixed-methods as a way of generating more encapsulated findings. Future studies need to focus on analysing the impact of different credit management practices on the quality of assets; additionally, an attempt should be made to discover the impact of cultural and demographic characteristics on the behavior of borrowers. The risk models, too, would have to be micro-finance specific to make the decisions on better management of credit.
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Controls which are of high value to the MFIs are credit risk. The quality of its assets depends on its quality. Prudent credit control helps the institutions to regulate lending risks and to encourage the borrowers to repay their loans. Research has proven that good credit risk controls are what define healthy finance. By way of example, Acharya et al. (2021) employed a mixed-methods design to conduct an inquiry in the way which the COVID-19 pandemic enhanced credit risk in MFIs in India, with a survey of approximately 250 to 350 clients and managers that were chosen purposively. The study used a crisis management and socio-cultural theory as its starting point and quantitative tests in combination with qualitative interviews to discuss the problem of repayments and asset quality in a pandemic. The findings indicated that in certain risk dimensions, government interventions were effective in decreasing certain risks; however, the study remains limited by the cross-sectional nature of the research. Neither did it consider the long-term impact of the social, cultural and technological factors on repayments. To enhance MFIs in upholding good asset quality and being stable financially, the authors advise that future studies ought to emphasize these aspects.
The research method used by Chen et al. (2021) to examine the benefits of blockchain technology in enhancing transparency and decreasing the credit risk in financial transactions was most likely a quantitative or mixed-methods research. The experiment entailed 150 to 250 persons working in the field of finance and technology, where theories of technology acceptance and risk management were used. This was done by conducting surveys and probably interviews in collecting the data, which was followed by an analysis done by statistics to determine the effect of blockchain on credit risk. It was found that blockchain contributed to improved data security and trust, which lowered credit risk. Nevertheless, sampling bias and excessive use of self-reports, as well as insufficient consideration of the realities of implementation, such as regulatory and infrastructural limitations, were likely to limit the study.
The research conducted by Khan et al. (2022) showed that the introduction of data tools considerably improved the accuracy of credit analysis and quality of assets in South Asian MFIs. Regression methods were used to analyse quantitative data, whereas qualitative information in the interviews was thematically coded. The results indicated that using data analytics, the performance of loan portfolios in terms of the number of defaults was lower due to a more appropriate match of loan products with the needs of the borrowers in the institutions that used data analytics. Several limitations were, however, identified in the study, such as possible response bias, as well as insufficient long-term evaluation of the tool's effectiveness, among others, together with poor consideration of external factors such as digital literacy and infrastructure obstacles, which could also have an impact on the results. Data were produced through interviews and surveys, and their analysis was carried out through a mixture of regression methods and the thematic code. The results indicated that the application of data tools increased the perfect match of borrowers' needs with loans and, in turn, asset quality. The research, however, has its drawbacks, such as possible response bias, non-extension with regard to long-term analysis, and limited consideration of the external factors, like digital accessibility of services and the level of literacy, under which the tool's efficiency may depend. 
In order to determine the effect of non-recovered loans in determining the profitability of the Ghanaian microfinance institutions, Osei et al. (2020) undertook a quantitative study. Conducting the study using secondary data on nearly 20-30 MFIs that were allegedly sampled purposively, the study used the credit risk and the theory of profitability. Secondary financial data applied the regression analysis and descriptive statistics, and it was established that high levels of defaults had a significant effect on reducing profitability. The research demonstrates how necessary appropriate screening and recovery of loans are. The paper is, however, constrained by the use of secondary institution-based data that hampers incursion of the borrower dynamics, and the limited approach to focus on long-run effects on the financial results. 
Mwangi et al. (2021) analysed how managing credit risk influenced the performance of Kenya MFIs using reasons of credit risk and information asymmetry. Quantitative research design was used, implying the use of pre-designed questionnaires among the credit officers, and the analysis of the information using descriptive statistics, correlation, and regression analysis. The findings of the research demonstrated the favorable impact of good credit risk management on the process of risk identification, assessment, monitoring, and control, on the indicators of the financial performance, including the indicator of the return on assets and loan repayment. The study attests the value of well-practised credit risk management measures in improving the performance of institutions, and it lowers gross loan defaults. 
Mugambi et al. (2024) analysed the effect of credit risk management on asset quality of the deposit-taking SACCOs in Kenya. The use of a credit risk model and the agency theory allowed the study to use a descriptive type of design to analyse the data obtained by credit officers through their statistical analysis. The study indicated that effective credit appraisal practices, supervision of loans, and adherence to policies were important in boosting the quality of the assets in terms of fewer NPLs. The research paper establishes the significance of effective credit risk management in boosting the financial stability of SACCOs. Akinyemi et al. (2024) assessed the aspects of regulating the development of credit risk management in African microfinance institutions through the lens of the institutional theory. The research design with a quantitative method and the use of data provided by credit managers in different countries revealed the fact that the creation of well-designed regulatory environments promoted the transformation of adherence to effective management of credit risk, which resulted in financial strength and low defaults. It concludes that the provision of the right regulatory control is a decisive factor in the establishment of the proper credit risk control in the microfinancing sector. 
Chikoko and Chikozho (2023) examined the role of socio-economic characteristics on the behavior of loan repayment by microfinance clients in Malawi through behavioral finance and planned behavior theory. To this end, they embraced a mixed research design whereby they applied the questionnaire and interviews. According to the research, the extent of income, educational status, employment, number of people in a household, and rate of financial literacy were incontrovertible predictors of the repayment attitude. The study hypothesizes that MFIs must modify the repayment terms and the loan products due to such socio-economic factors to correctly deal with non-repayment. 
Chirwa and Manda (2022) have analysed how credit risk management practices have been impacting the recovery rates of the MFIs in Malawi using the theory of credit risk and a quantitative approach. The information was obtained via the credit officer by means of organized questionnaires, and the description was statistically explained as follows by describing what statistics is all about, the relationship, and the act of regression. The findings indicate that there existed a positive relationship between such good credit risk management practices as proper utility analysis on the client, good credit policy on the credit granted and frequent monitoring of the lent funds, and high recovery on the lent funds. The study also emphasizes the use of comprehensive frameworks in credit risk in enhancing the performance of the loaned funds and reducing defaults in the microfinance sector. Technologies of data analysis enable institutions to change their lending as they arise because of new risks.
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In the presence of a significant body of literature that has studied the interaction between asset quality and credit policy across geographies, little is known about the operation of credit policy across different contextual environments, specifically in underserved and rural geographies. For example, much work focuses on specific geographies, e.g., India, Ghana, and Kenya (Khandker et al., 2021; Osei et al., 2022), but the impact of credit policy in geographies with rapidly changing economic conditions, e.g., geographies with political instability or geographies with a post-conflict environment, has not been thoroughly studied. The role played by cultural norms and community dynamics in shaping credit policy and payment behaviour across these geographies has similarly not been thoroughly studied. Additional insight into these contextual factors could provide more actionable information for MFIs that operate across diverse environments.
Whereas other research focuses on the technical aspects of credit risk management and its interaction with asset quality (Kumar et al., 2024; Alhassan et al., 2021), the literature gap lies in the role that conceptual factors, such as the psychology of the borrowers, trust, and relationship building, play in the payment behaviour and, subsequently, asset quality. The literature omits the intangible factors that could be part of a more integrated credit risk management system. For instance, the degree to which borrowers' fairness judgments and trust in MFIs influence their willingness to repay could be more beneficial to MFIs in designing more efficient strategies for improving asset quality, rather than relying on traditional credit score methods (Kumar & Singh, 2024; Chukwuma et al., 2024). To evaluate the efficiency of credit policy, the current literature relies heavily on quantitative data, such as recovery rates on loans and NPL ratios (Sharma & Singh, 2023; Mensah & Owusu, 2023). However, little qualitative work examines individual borrowers' experiences, their comprehension of credit terms, and the challenges borrowers encounter in meeting payment deadlines. Most literature also uses cross-sectional data, which does not capture the long-term impacts of credit policy on the quality of assets. Longitudinal work that observes borrowers' behavior over the long term would be helpful, allowing for the ascertaining of the long-term impacts of credit policy (González et al., 2022). 
Additional research is also needed to examine the use of machine learning and other advanced analytics methods in real-time loan and default prediction monitoring (Kihoro et al., 2022). While considerable literature has been written on managing credit risk in MFIs (Alhassan et al., 2021; Akinola et al., 2021), few theoretical models integrate the various dimensions of credit policy, such as credit scoring, borrowers' behavior, and technical innovations, within a single model for asset quality. Most other literature considers these factors in isolation, either in terms of borrowers' characteristics, technical innovations, or the policy environment, without considering the interaction of the factors within a broader conceptual model (Demirguc-Kunt et al., 2021). Formulating a theoretical model that combines the factors may offer MFIs a more holistic methodology for managing credit risk and promoting asset quality. Additionally, literature on the long-term growth of credit policy in MFIs and responsiveness to the dynamic financial and policy environment is limited (Chen et al., 2023).







[bookmark: _Toc187350825][bookmark: _Toc208592044]CHAPTER THREE
[bookmark: _Toc187350826][bookmark: _Toc208592045][bookmark: _Hlk206067309]RESEARCH METHODOLOGY
[bookmark: _Toc187350827][bookmark: _Toc208592046]3.1 Introduction
This section offers the research methodology utilized by the research scholar. Included in this section are the research design, population in focus, sample size, and sampling method employed in the sampling phase to choose the sample. Furthermore, it ensures the validity and reliability of the data collection instrument, the pilot study, the data collection process, the data analysis process, presentation, and adherence to ethics.
[bookmark: _Toc208592047]3.2 Research Design
The study employed a descriptive cross-sectional research design, which is well-suited for examining relationships between independent and dependent variables within their natural settings (Bryman, 2021). This design enabled the researcher to critically assess credit management practices, specifically credit policy, client credit appraisal, credit terms, and credit risk control, and their impact on asset quality. Descriptive research is often used to observe and describe characteristics of variables without manipulation (Chargy, 2003; Flick, 2022), allowing for a comprehensive analysis of existing conditions. Moreover, it supports the collection of numerical data that can be statistically analysed to determine patterns and associations between variables (Creswell, 2022; Salkind, 2021).
A good research design ensures the validity and reliability of study findings by clearly outlining the type of study, approaches, sampling techniques, data collection methods, and analytical strategies (Creswell & Poth, 2022; Flick, 2021). In line with this, Mugambi et al. (2024) applied a similar descriptive design to study the effect of credit risk management on asset quality in Kenya’s deposit-taking SACCOs. Their research involved collecting data from credit officers and analysing it through statistical and regression techniques, further demonstrating the relevance and effectiveness of the chosen design in examining financial management practices and outcomes.
[bookmark: _Toc208592048]3.3 Target Population
A population is a group of people with similar attributes, from which individuals or units of analysis are selected for research (Bryman & Cramer, 2012). The target population was 107 registered MFIs in Malawi. These are microcredit agencies, deposit-taking, and non-deposit-taking MFIs (Reserve Bank of Malawi, 2024), available in Appendix 4. These institutions provide savings accounts, microloans, and low-cost financial services to underserved populations, driving economic growth (Chirwa & Mvula, 2021). Their role is crucial for the sustainability of MFIs (Chipeta & Mkandawire, 2020). 
[bookmark: _Toc208592049]3.4 Description of the Sample Size and Sampling Procedures
The sample size of this study was 84 microfinance institutions. This was calculated using the Cochran formula:
Equation 1


Where n = required sample size, N = total population size (107), Z = Z value (For a 95% confidence level, z = 1.96), p = estimated proportion of the population (use 0.5 for maximum variability if unknown), E = margin of error (typically 5%, or 0.05)

Substituting the values:
Equation 2

          n     =   83.8  =    84
Finance managers were the unit of observation and thus respondents to the questionnaire. The sample reflected the population and enabled the generalisation of results. (Etikan et al., 2020; Creswell & Creswell, 2018) explain that sample quality is necessary for research accuracy. The study used simple random sampling to ensure unbiased selection. Therefore, simple random sampling is a widely used sampling method in which each member of a population has an equal chance of being selected for a study. This technique is bias- and influence-free, rendering the sample representative at the population level (Bassey et al., 2020). To obtain this randomness, other means may be put into use, e.g. random number generation or name drawing, which implies that each individual can have an equal likelihood of being picked.
[bookmark: _Toc208592050]3.5 Description of Research Instrument
Any tool or technique employed by the researchers to collect, measure and interpret data is called a research instrument (Allen & Seaman, 2007). In order to draw the relationship between the practices of credit management and the quality of the assets held by the MFIs in Malawi, adequate data collection tools were used in order to offer the reliability and relevance of the data collected. Appendix 2 presents the main data collection tool used as a structured questionnaire containing closed-ended questions. The questionnaire collected information related to independent variables to include credit policy, credit appraisal of client, credit terms and risk control and how strongly they influence the dependent variable, asset quality of MFIs in Malawi. In gauging the responses, a 5 5-point Likert scale was applied where the respondents were left at liberty to indicate the extent of agreement or disagreement with different statements (Lusardi & Mitchell, 2021). The method captured the attitude and opinion by transforming subjective opinion into leveraged data that could be analysed and interpreted easily (Allen & Seaman, 2007; Klapper et al., 2020). 
Compilation of the secondary data on asset quality in the financial statements in Appendix 3 was done through a sheet used in data collection. Research tools gathered various information and provided a thorough coverage of how the credit control practices are related to the asset quality of Malawi MFIs. The instrument was pre-tested first before complete implementation to determine its clarity and reliability.
[bookmark: _Toc208592051]3.5.1 Pilot study
Before determining the feasibility, reliability and validity of the instrument, a pilot study was conducted due to the challenges of participant recruitment and the ethical and logistical challenges associated with the study (Thabane et⛜. 919, 2010). As per the suggestion advanced on a pilot sample of at least 10 % of the main sample (Mugenda & Mugenda, 2010), eight financial managers representing MFIs not covered in the main study were randomly recruited and interviewed in Lilongwe District in Malawi. The pilot phase was used to determine the clarity, consistency and appropriateness of the study with respect to the credit management practices and quality of the assets in Malawian MFIs in the questionnaire. The unpredictability in the choice of the institutions (Van Teijlingen and Hundley, 2020) ensured the thorough assessment of the instrument concerning full data implementation. The opinions of the respondents were noted on the uncertainties that made some items be amended/ eliminated or wordings included, as well as the creation of a smaller and viable questionnaire.
[bookmark: _Toc208592052]3.5.2 Validity of the Instruments
This is necessary to ensure that the research tool used in measuring credit management and asset quality is valid (Mugenda & Mugenda, 2013). Validity is the extent to which a measuring instrument structures the aspects he/she is intended to measure (Mugenda & Mugenda, 2013). Content validity was developed by microfinance specialists, financial education specialists, research design specialists, and supervisors. Before its release, experts checked the tool so that all the components pertaining to the study were put in (Kreuger & Casey, 2022). The process made the information gathered free of errors, as well as relevant to the study objectives. Professionals also helped to simplify the ambiguous or irrelevant questions in order to make the tool very clear and focused. Such conscious validation enhances the accuracy of results and makes sure that the research is fully representative of credit management policies and quality of assets of microfinance institutions (Fraenkel & Wallen, 1996; Kreuger & Casey, 2022).
[bookmark: _Toc208592053]3.5.3 Reliability of the Instruments
The reliability of the research instrument needs to be determined because an attempt must be made to establish consistency in the data and the credibility of the study findings (Creswell & Creswell, 2023). In the given study, the coefficient of Cronbach's alpha was applied as the most frequently applied internal consistency indicator of reliability. Most studies have accepted a coefficient above 0.7 or equal to it in the respect that all the items in the questionnaire equally measure the same construct (Hair et al., 2010; Guspatni & Kurniawati, 2018). Reliability testing was done through the SPSS software, and the generated alpha values exceeded the threshold requirement, thereby providing reliability confirmation for the questionnaire. The implication is that the instrument is reliable in the capture of credit management practices and asset quality data in MFIs in Malawi (Taherdoost, 2022; Bryman, 2021; Creswell & Creswell, 2023). The results are presented in the form of a table (Table 3.1).
Table 3.1 Reliability Test Results
	Variable
	Cronbach's Alpha based on Standardised measures Items
	Number of Items

	Credit Policy
	0.768
	12

	Client Credit Appraisal
	0.892
	12

	Credit Term
	0.753
	12

	Credit Risk Control
	                       0.789
                       
	                12
                



[bookmark: _Toc208592054]3.6 Data Collection Procedures
Before the commencement of the fieldwork, permission for data gathering was given by the Graduate Business Studies at the Catholic University of Eastern Africa (CUEA) (Appendix 1). The approval letter was to inform the research participant about the research and included the fact that the research was only for academic purposes. Throughout the process, ethical protocols for obtaining informed consent, maintaining anonymity, and safeguarding data confidentiality were adhered to, in line with Greener and Martelli (2022).
Primary data on the independent variables, credit policy, client credit appraisal, credit terms, and credit risk control, were gathered using structured questionnaires. A trained research assistant, briefed on all ethical guidelines, distributed and collected the instruments, allowing respondents ample time to complete them before immediate retrieval for analysis. To measure the dependent variable, asset quality, secondary data were extracted from MFIs’ reports, financial statements, and annual reports. This involved systematically identifying relevant documents, selecting and evaluating their quality, recording information in data collection sheets, which are available in Appendix 3, and thoroughly documenting each step. The secondary evidence complemented the survey findings, ensuring a comprehensive and reliable dataset for the study.
[bookmark: _Toc208592055]3.7 Operationalization of Variables 
Asset quality was the dependent variable in this study, whereas the four independent variables included credit policy, client credit appraisal, credit terms, and credit risk control. Table 3.2 presents the variables, their corresponding indicators, and the tools used to measure each variable.
Table 3.2 Operationalization of Variables
	Variables
	Symbol of Variable
	Indicators
	Measurement Scale

	Credit policy 
	    CP
	Credit limit, 
Collection policy
	     Ordinal

	Client credit appraisal
	    CA
	Client character, Collateral characteristics
	     Ordinal

	Credit terms
	    CT
	Interest rate, 
Credit period
	     Ordinal

	Credit risk control
	   CRC
	Continuous risk assessment, 
Monitoring systems
	     Ordinal

	Asset quality 
	    AQ
	Non-performing loans
	     Ratio



For the current research, the responses on the Likert scales (scored 1-5) were converted into regression-compatible measures by assigning numerical values and combining related items into composite measures for the credit management practices. Reliability was checked by Cronbach’s alpha (α > .80), and factor analysis was performed in order to ensure single constructs were measured by the items (Park, 2023). The average scores in such a manner were conceptualised in the form of the interval-level data, with methods verified by research showing aggregated ordinal data behave like continuous variables (Koo & Yang, 2023; Norman, 2020). The standardised score was applied in the regression analysis after checking for the assumption of multicollinearity and homoscedasticity. An ordered logistic model affirmed the strength in the approach, and the Rasch transformation was recognised as a valid method for interval scaling (Ekstrand et al., 2022).
[bookmark: _Toc208592056]3.8 Data Analysis Procedure 
Field (2023) explained the importance of data analysis in generating valid inferences from research. All the research tools were gathered after completion and coded, aggregated, and keyed into the computer for analysis. Processing was done using the Statistical Package for the Social Sciences (SPSS) version 28.0. A quantitative method of data analysis was performed through the assistance of descriptive and inferential statistics. Descriptive statistics such as percentages, means, and standard deviations summarized the response and were portrayed in tables. Inferential statistics, such as regression analysis, were applied in exploring the relationships between the practices in credit management and asset quality of MFIs in Malawi, as opined by Cooper and Schindler (2014).
[bookmark: _Toc208592057]3.9 Analytical Model
This model evaluated the strength and significance of the relationships between the independent variables, namely credit policy, client credit appraisal, credit terms, credit risk control, and the dependent variable, asset quality. Bottom of Form
Bottom of FormThe analytical model for regression analysis is presented in equation 3:   

                                                                                          			 Equation 3
A
Where: AQ = Asset Quality (dependent variable), CP = Credit Policy, CA = Client Credit Appraisal, CT = Credit Terms, CRC = Credit Risk Control, β0 = Intercept, β1 to β5 = Coefficients of the independent variables, ε = Error term.
[bookmark: _Toc208592058]3.10 Diagnostic Tests
Under the diagnostic testing, statistical tests and measures were applied in the assessment of the reliability, quality, and validity in the factor model. The required diagnostic tests were carried out during the analysis of credit management practice concerning the relation between credit policy, client credit appraisal, credit terms, credit risk control, and asset quality to ensure that the model was reliable. There was an assumption of normality, autocorrelation, multicollinearity, and heteroscedasticity.
[bookmark: _Toc208592059]3.10.1 Normality Test
The normality testing provides data on whether the dataset is normally distributed, which is critical in most statistical procedures, including regression (Osborne, 2023). Using the Shapiro-Wilk test, it was ensured that the data were normally distributed. Gujarati and Porter (2020) describe the p-value as evidence that shows that the result is normally distributed when it is more than 0.05. The errors or residuals of the regression model were analysed to determine whether they were normally distributed or not using the test of normality. The results are displayed in Table 4.7.
[bookmark: _Toc208592060]3.10.2 Autocorrelation Test
Saunders et al. (2009) define the autocorrelation test as enabling one to expose the existence of any linkage between the value of your dependent variable at time t and, some time ago, what value there might have been at the previous time period t1. According to Stock and Watson (2020), the tests conducted on autocorrelation are the Durbin-Watson test, the Breusch-Godfrey test, and the Wooldridge test. The Durbin-Watson test was applied in the research to test the autocorrelation of the research (in cross-sectional data) to determine whether it is possible to have autocorrelation of the residuals of a regression model. This is according to Asteriou and Hall (2021). Table 4.8 indicates the results.
[bookmark: _Toc208592061]3.10.3 Multicollinearity Test 
Testing for multicollinearity identifies strong correlations between independent variables in regression analyses, which may bias the estimation of coefficients (Field, 2018). The Variance Inflation Factor (VIF) is the standard measure, where values over 5 or 10 represent problematic multicollinearity (Goretzko et al., 2021). An example is where loan approval conditions and credit risk evaluation variables both exceed 5 in the VIF values; there is overlap and duplication that needs correction by removing or condensing the variables (Field, 2018; Goretzko et al., 2021). The results are displayed in Table 4.9.
[bookmark: _Toc208592062]3.10.4 Heteroscedasticity Test
Heteroscedasticity refers to the assumption that the variance of residuals (errors) in a regression model is constant across all levels of independent variables (Field, 2018). When residuals have equal spread, model estimates are more reliable. This can be visually checked with a scatter plot of residuals against predicted values (Wooldridge, 2021). A random scatter of points without clear patterns suggests heteroscedasticity. The results are presented in Figure 2.
[bookmark: _Toc208592063]3.11 Ethical Issues
This study was conducted in accordance with ethical standards throughout its implementation. The researcher obtained a letter from the Catholic University of Eastern Africa, which is available in Appendix 1, and a research license from the National Commission for Science, Technology, and Innovation (NACOSTI), which is available in Appendix 5. These granted approval and permission to conduct the study, and ensured that the research adhered to the relevant research guidelines. The researcher upheld fundamental ethical values, including informed consent, transparency, community welfare, privacy, confidentiality, and plagiarism prevention, as supported by Creswell (2018). Anonymity was ensured by excluding the names of the participants in the questionnaire. Participants were assured that their information would be used for academic purposes, with their consent obtained before the collection of data (Meyer et al., 2021; Khan et al., 2022). Additionally, all the information referenced was cited correctly to ensure academic honesty.







[bookmark: _Toc191809611][bookmark: _Toc174996564][bookmark: _Toc199493777][bookmark: _Toc208592064]CHAPTER FOUR
[bookmark: _Toc174996565][bookmark: _Toc199493778][bookmark: _Toc208592065]PRESENTATION, DISCUSSION, AND INTERPRETATION OF FINDINGS
[bookmark: _Toc174996566][bookmark: _Toc199493779][bookmark: _Toc208592066]4.1 Introduction
This chapter focuses on the presentation, discussion, and interpretation of the data findings, which were collected through the use of structured questionnaires, about the study's objective guided by the following variables: credit policy, client credit policy, credit term, and credit risk control. The chapter begins with the response rate, followed by background information of the respondents and descriptive analysis of the four independent and dependent variables. Finally, the chapter presents the inferential statistics of the regression analysis for the relationship between the variables and Hypothesis testing.
[bookmark: _Toc199493780][bookmark: _Toc208592067]4.2 Response Rate
[bookmark: _Toc199493781][bookmark: _Toc200888369]The researcher distributed a total of 84 questionnaires to MFI. The return rate recorded 81 questionnaires that were filled and returned, and three were not returned. This gave a response rate of 96.4%. Direct communication with managers and the use of a hard-copy questionnaire were among the factors contributing to the success of the response rate. 
[bookmark: _Toc199493782][bookmark: _Toc208592068]4.3 Background information of respondents
This study aimed to gather background information about the participants. It addressed areas such as the respondents' level of education, their tenure at the MFI, and the number of years the MFI has been operating in the sector. The findings are shown in Table 4.1.


Table 4.1.  Background Information of the Respondents

	
	Item 
	Frequency 
	Percentage 

	Highest Level of Education
	
	
	

	
	Secondary
	2
	2.5%

	
	Tertiary
	42
	51.9%

	
	University
	37
	45.7%

	
	Total 
	81
	100.0%

	Time in the Microfinance Sector
	
	
	

	
	4–6 years
	44
	54.3%

	
	More than 6 years
	37
	45.7%

	
	Total 
	81
	100.0%

	Institution in Operation
	
	
	

	
	Less than 5 years
	17
	21.0%

	
	5–10 years
	27
	33.7%

	
	More than 10 years
Total
	37
81
	45.7%
100.0%


 
Results show that regarding the level of education, the majority of the respondents, 51.9% had attained tertiary education, while 45.7% of the participants attained university-level, and 2.5% reached secondary education. This shows that the microfinance sector is driven by personnel who have undertaken education beyond secondary level. With 97.6% of the total respondents being tertiary or university graduates, the sector's human resources are thus highly educated. This indicates improved professionalism, service delivery, and operations within the sector.
For the years of service in microfinance, 54.3% of the respondents had 4 to 6 years of service, whereas 45.7% of respondents had over 6 years of service. This distribution shows that a vast majority of the workforce has significant experience in microfinance, with over 45% of them having been in the industry for over six years. Over half the interviewees have over 4 years of work experience, indicating a mature and experienced labour force in the workplace, which can contribute towards institutional stability and long-term performance. On the number of years, the institutions have been in operation, 45.7% of the institutions have been in operation for more than 10 years, 33.7% of the institutions have been in operation in the industry between 5 and 10 years, and lastly, 21.0% of the institutions for less than 5 years. From the above results, it is clear that most of the microfinance institutions in this data set are mature institutions with nearly half operating for more than 10 years. This may reflect a stable microfinance environment where long-standing institutions provide continuity and trust among clients, though the presence of newer organizations also suggests a dynamic and expanding sector (Jacob, 2024).
[bookmark: _Toc208592069]4.4 Descriptive Statistics
Quantitative data were obtained from the questionnaires, which were measured by using a 5-point Likert scale where 1 represents strongly disagree (SD), 2 represents disagree (D), 3 represents neutral (N), 4 represents agree (A), and 5 represents strongly agree (SA). Descriptive statistics that used frequencies, percentages, means, and standard deviations were adopted by the researcher to summarize data before conducting further analyses in other sections. The results are presented in the following sub-sections.
[bookmark: _Toc208592070]4.4.1 Credit policy 
The first objective of the study was to establish the effect of credit policies on the asset quality of the MFIs in Malawi. To achieve this objective, the respondents were asked to indicate the extent to which they agreed with various statements related to credit policy, including credit limit and collection policy. The findings are presented in Table 4.2





[bookmark: _Hlk205929338]Table 4.2 Effects of Credit Policy on Asset Quality 
	Statement
	(SD%
	(D) %
	(N%
	(A)%
	(SA)%
	Mean
	Std. Dev.

	Loans are set on borrowers' financial capacity
	0.0
	 0.0
	0.0
	46.9
	 53.1
	4.53
	0.50

	Borrowers' maximum loan before applying
	0.0
	0.0
	0.0
	44.4
	55.6
	4.56
	0.50

	Institution has a structured process for borrowers
	0.0
	0.0
	1.2
	48.1
	50.6
	4.49
	0.56

	Institution does not review loan
	19.8
	8.6
	35.8
	 18.5
	 17.3
	2.91
	1.38

	Institution provides steps when facing difficulties
	0.0
	2.5
	27.2
	46.9
	23.5
	3.91
	0.84

	Credit limit does not reduce loan defaults
	27.2
	45.7
	12.3
	8.6
	6.2
	2.25
	1.11

	The institution has a collection policy
	0.0
	0.0
	0.0
	46.9
	 53.1
	4.53
	0.50

	Collection procedures are communicated during loan disbursement
	1.3
	1.3
	1.3
	47.5
	50.0
	4.43
	0.68

	The collection policy does not promote a culture of repayment
	0.0
	 32.1
	2.5
	 38.3
	27.2
	3.60
	1.29

	Strict enforcement improved the repayment rate
	0.0
	0.0
	3.7
	51.9
	 44.4
	4.41
	0.60

	Penalties for late payments are stated
	0.0
	1.2
	1.2
	45.7
	51.9
	4.48
	0.61

	Staff are trained in loan recovery
	0.0
	0.0
	 6.2
	45.7
	 48.1
	4.42
	0.65

	Grand Mean & Std. Dev.
	4.04
	0.76


 
The results in Table 4.2 reflect respondents’ views on how credit policies affect asset quality, particularly in reducing default rates and maintaining healthy loan portfolios. The first item, "Loans are set based on borrowers' financial capacity," respondents agreed with a high mean of 4.53 and a low standard deviation of 0.50, indicating strong consensus. MFIs are aligning credit decisions with borrowers’ financial realities, a best practice that helps maintain asset quality. This is in line with the study done by Chen et al. in 2023, who conducted a cross-regional analysis in Africa, Asia, and Latin America and discovered best practices in credit policy development that invariably enhanced asset quality, including borrower education, transparent terms, and strong monitoring mechanisms. On the same note, the statement, "Borrowers are made aware of the highest amount that they can borrow before applying it, gave it the greatest mean score of 4.56, and a low standard deviation of 0.50. This means that transparency is a critical part of MFI credit policy, and it could stimulate sound borrowing behavior and enhance a better repayment performance. 
The third item, “The institution has a systematic loan application process,” received 98.7 per cent of the total number of respondents in the agreement (agree or strongly agree) to give a mean of 4.49 and a standard deviation of 0.56. Such results suggest that the majority of the MFIs presented in the study have standardized credit appraisal practices that might enhance consistency and minimize credit risk. The item “The institution does not review loans” produced a mean of 2.91 with a standard deviation of 1.38, reflecting divided opinions and potential variation in how institutions handle loan reviews. In contrast, the statement “The institution provides steps to help clients during repayment difficulties” yielded a mean of 3.91 and a lower standard deviation of 0.84, signifying higher agreement and a more consistent view among respondents about the supportive mechanisms available to borrowers. These results suggest that while perceptions of client support during repayment are generally positive and uniform, there may be a lack of clarity or consistency surrounding loan review processes.
"The sentence 'Credit limit does not decrease loan defaults' had the lowest mean score of 2.25 and a relatively high standard deviation of 1.11, revealing general opposition and some variability in perceptions. The implication is that the majority hold the opinion that credit controls are effective in mitigating defaults on loans. Conversely, the sentence 'The institution has a collection policy' had the highest score at 4.53 and the lowest standard deviation at 0.50, revealing overwhelming and homogenous support. That indicates the universal presence of formal collection policies, revealing strong institutions in the handling of past-due loans. The sentence on the disclosure of collection procedures at the time of the disbursement of loans won overwhelming support with the highest average score at 4.43 and standard deviation at 0.68, revealing general support among the respondents. On the other hand, the question on the collection policy failing to instil the culture of paying back had more disparate responses, with the lowest average at 3.60 and the highest standard deviation at 1.29, revealing divisions in opinions and a lack of cohesion. 
The sentences on strict observance of the credit policy, warning borrowers on the penalty for delays, and training staff in the recovery of the loans all had overwhelming support in the form of the highest average score (4.41, 4.48, and 4.42) and lowest variability (the lowest standard deviations at 0.60, 0.61, and 0.65), respectively. That implies there is a broad consensus on the efficacy in raising the recovery level and in the defence of the quality of the portfolio. The results reveal that most MFIs have effective and uniformly applied credit policies in setting the loan size in harmony with the borrower’s potential; disclosure at the outset; adherence strictly in the applications and collection procedure; enforcing the conditions; and clarifying the late payment penalty in all cases, hardening the quality in the asset stock. The uniformly large mean values and low standard deviations indicate strong consensus at the institutional level. 
The current study follows the analysis by Mensah and Owusu (2023), who examined the effect of economic developments on bank lending strategies in West Africa. The analysis indicated that economic slowdowns cause banks to pursue more cautious lending strategies and adhere more tightly to credit policies at such times. The authors noted that such dynamics are essential for policymakers in preserving financial stability and encouraging sustainable economic development. The authors stressed that macroeconomic conditions affect credit policies in developing countries, with the banks applying more stringent criteria in the event of a recession in order to preserve the quality of assets. Nevertheless, uneven commentary on the review routine of loans and doubts about whether existing collection policies genuinely establish a culture of repayment indicate weaknesses in the continued follow-up, enforcement, and borrower outreach. 
Confirmatory evidence was provided by Muriuki & Mwangi (2023), who concluded from the analysis that the integration of local traditions and social networks in the Kenyan MFIs enhanced the recovery of the loans. In contrast, the progress in technology has influenced the development of credit policies in Asian MFIs, especially in India." A grand mean of 4.04 on a 5-point Likert scale indicates that respondents generally agree that effective credit policies have a positive influence on the asset quality of MFIs in Malawi. The relatively low standard deviation of 0.76 indicates that responses were closely clustered, suggesting broad agreement among participants and reflecting a strong and consistent perception that well-designed and enforced credit policies contribute to better asset quality, with minimal disagreement among respondents. 
The study confirms that MFIs’ credit policies are generally effective and well-implemented, contributing significantly to asset quality through responsible lending, borrower education, ongoing monitoring, and skilled recovery teams. However, further improvements, particularly in loan review processes and the motivational aspects of collection strategies, could strengthen loan performance and institutional resilience. These findings align with those of Chen et al. (2023), whose cross-regional study across Africa, Asia, and Latin America identified key credit policy practices such as clear loan terms, borrower education, and strong monitoring as consistently enhancing asset quality.
[bookmark: _Toc208592071]4.4.2 Client Credit Appraisal
The second objective of the study was to determine the impact of client credit appraisal on the asset quality of microfinance institutions in Malawi. To achieve this objective, the respondents were asked to indicate the extent to which they agreed with various statements related to client credit appraisal, specifically client character and collateral characteristics. The Findings are displayed in Table 4.3:
Table 4.3. Effects of Client Credit Appraisal on Asset Quality 
	Statement
	(SD) %
	(D) %
	(N) %
	(A)%
	(SA) %
	Mean
	Std. Dev.

	Loans are set on borrowers' financial capacity
	 0.0
	0.0
	0.0
	46.9
	53.1
	4.53
	0.50

	Institution has a structured process for borrowers
	0.0
	0.0
	 1.2
	 48.1
	 50.6
	4.49
	0.56

	The institution provides steps when facing difficulties
	0.0
	2.5
	 27.2
	 46.9
	23.5
	3.91
	0.86

	The institution does not review loans
	19.8
	 8.6
	 35.8
	 18.5
	 17.3
	2.85
	1.31

	Borrowers know the maximum loan amount before applying
	 0.0
	 0.0
	0.0
	 44.4
	55.6
	4.56
	0.50

	Credit limit does not reduce loan defaults
	27.2
	 45.7
	12.3
	8.6
	 6.2
	2.25
	1.10

	Institution has a collection policy
	 0.0
	0.0
	 0.0
	 46.9
	 53.1
	4.53
	0.50

	Collection procedures are communicated at disbursement
	 0.0
	 1.3
	1.3
	47.5
	 50.0
	4.46
	0.62

	The collection policy does not promote a repayment culture
	 0.0
	 32.1
	 2.5
	 38.3
	27.2
	3.60
	1.25

	Strict enforcement improved the repayment rate
	 0.0
	 0.0
	3.7
	 51.9
	 44.4
	4.41
	0.61

	Penalties for late payments are stated
	 0.0
	 1.2
	 1.2
	 45.7
	 51.9
	4.48
	0.61

	Staff are trained in loan recovery
	 0.0
	0.0
	 6.2
	45.7
	 48.1
	4.42
	0.65

	Grand Mean & Std. Dev.
	4.13
	0.53



Results in Table 4.3 present respondents’ views on client credit appraisal practices and their impact on MFI asset quality. The findings highlight the effectiveness, consistency, and credibility of these practices, while also pointing to areas for improvement. The majority of the respondents, 46.9% agree, while 53.1% strongly agree, which affirms that loan amounts are based on borrowers’ financial capacity, reflected in a high mean score of 4.53 and a low standard deviation of 0.50. This strong consensus shows that MFIs prioritize loan affordability, which helps reduce defaults and safeguard assets. Likewise, 98.7% of respondents agreed that their institutions follow a structured borrower assessment process, with a mean score of 4.49, indicating that standardized credit appraisal procedures are firmly established and consistently applied. These findings align with those of Chukwuma and Nwankwo (2022), who examined the impact of advanced analytics on loan performance in Nigerian banks. Their findings suggested that banks using predictive tools were better at assessing borrower behavior and had fewer defaults. 
Responses on whether the institutions assist with payment hardship were inconsistent. While 70.4% agreed that the institutions provide help in situations where the borrowers face difficulty in paying, 27.2% were neutral, and 2.5% disagreed. The 3.91 mean score and 0.86 standard deviation show inconsistency or confusion in the implementation or interpretation of the measures of assistance by the MFIs. Correspondingly, there was a considerable difference in perception on whether the loan is verified before disbursement. While 35.8% were neutral or agreed that the institutions should check the loan before disbursement, 28.4% disagreed with the institutions not checking the loan. The low mean scores of 2.85 and high standard deviation of 1.31 reflect uncertainty and inconsistency in pre-disbursement review practices, which could pose a risk to credit quality if not addressed.
All respondents agreed that borrowers are informed of the maximum loan amount they qualify for before applying. This resulted in a mean score of 4.56 and a low standard deviation of 0.50, indicating strong, consistent pre-loan communication that supports responsible borrowing. In contrast, views on whether credit limits help prevent loan defaults showed significant disagreement. 72.9% of respondents disagreed with this belief, resulting in a low mean of 2.25 and a standard deviation of 1.10. This suggests widespread skepticism and varied opinions, likely due to inconsistent enforcement of credit limits or differing borrower behaviors across MFIs.
Loan recovery practices show strong institutional commitment, with all respondents confirming the existence of a formal collection policy. This showed a high mean of 4.53 and a low standard deviation of 0.50. Additionally, 97.5% agreed that collection procedures are communicated at the time of loan disbursement, reflected in a mean of 4.46, indicating clear borrower expectations that help reduce delinquency. However, opinions were more divided on whether these policies effectively foster a culture of long-term repayment. While 65.5% agreed that collection policies fail to instil such a culture, 32.1% disagreed. The mean of 3.60 and the standard deviation of 1.25 reveal notable variation in views, suggesting that while policies exist, their impact on repayment behavior may be inconsistent.
Despite this, enforcement appears effective. 96.3% of the respondents agreed that strict enforcement has improved repayment rates, giving a mean of 4.41, and that late payment penalties are clearly stated, giving a mean of 4.48. These results underscore the importance of clear and firm enforcement in promoting accountability. Furthermore, 93.8% agreed that institutional capacity in credit management is strong, reflected in a mean of 4.42 and a standard deviation of 0.65, emphasizing the importance of skilled personnel in sustaining asset quality. The analysis confirms that microfinance institutions have strong and consistent credit evaluation practices, particularly in setting loan limits, enforcing repayment policies, and training staff responsible for recovery. These elements collectively support asset quality and institutional stability. This aligns with the study conducted by Muthoni and Ndung’u in 2021, which emphasized the importance of strict appraisal procedures. This highlights the need for an integrated credit management approach, including staff training, consistent policies, and continuous monitoring, to enhance asset quality in Malawi.
However, the findings also reveal areas in need of improvement, namely, inconsistencies in loan review processes and uncertainty about the cultural impact of collection policies. Correction of these ills through superior standardization, effective communication, and better client education would tighten credit management in general and moreover, upgrade asset quality in MFIs. The large grand mean score of 4.13 indicates that the respondents agree strongly that effective credit appraisal of the clients has a beneficial effect on the asset quality in microfinance institutions in Malawi. The low standard deviation score of 0.53 indicates a strong consensus, where most of the responses were closely clustered. Individually, the findings indicate a commonly held and well-founded belief in the importance of proper borrower evaluation in curbing defaults in lending and maintaining institutional stability.
 The results were supported by the research of Osei et al. (2022), which found that the adoption of comprehensive credit risk management systems significantly enhances the quality of the asset. They indicated that banks with proper credit appraisal measures can accurately identify high-risk borrowers at the inception, whose potential losses are minimized. Credit appraisal entails assessing the borrower's ability to pay according to their income, employment status, credit record, and current liabilities. 
[bookmark: _Toc208592072]4.4.3 Credit Terms 
Another aim of the study was to establish the influence of credit terms on asset quality of microfinance institutions in Malawi as the third goal of the study. In order to fulfil this goal, it was important to find out how much this group of people thought of different statements regarding the issue of credit terms, such as interest rates and credit periods, among others. The results are presented in Table 4.4.



Table 4.4 Influence of Credit Terms on Asset Quality 
	Statement
	(SD) %
	(D) %
	(N) %
	(A)%
	(SA) %
	Mean
	Std. Dev.

	Repayment terms are explained clearly
	0.0
	0.0
	1.2
	53.1
	45.7
	4.44
	0.56

	Institution's interest rates are affordable
	0.0
	4.9
	34.6
	48.1
	12.3
	3.63
	0.81

	Interest rate levels do not influence client willingness
	13.6
	39.5
	24.7
	13.6
	8.6
	2.65
	1.10

	The institution has clear procedures for reminding borrowers
	0.0
	0.0
	9.9
	43.2
	46.9
	4.37
	0.67

	Loan repayment periods are outlined
	0.0
	6.2
	6.2
	50.6
	37.0
	4.19
	0.84

	Borrowers request adjustments to repayment terms
	0.0
	1.2
	18.5
	46.9
	33.3
	4.12
	0.78

	The institution allows renegotiation of repayment
	1.2
	0.0
	18.5
	63.0
	17.3
	3.95
	0.74

	The credit period policy has not led to timely repayments
	24.7
	40.7
	22.2
	8.6
	3.7
	2.26
	1.06

	The credit period helps the loan portfolio
	0.0
	2.5
	14.8
	39.5
	43.2
	4.23
	0.83

	Structured repayment reduces delinquency
	0.0
	1.2
	12.3
	51.9
	34.6
	4.20
	0.73

	Clients are given a grace period
	0.0
	0.0
	17.3
	49.4
	33.3
	4.16
	0.75

	The institution offers flexible loan repayment
	0.0
	11.1
	23.5
	34.6
	30.9
	3.72
	1.02

	Grand Mean & Std. Dev.
	3.83
	0.78


 
Table 4.4 provides the results of the impact of credit terms, i.e., clarity of repayment conditions, interest rates, flexibility and repayment structure on asset quality of MFIs. A large majority of the respondents (98.8%) asserted to agree with it, and also as a reflection of considerable communication efficiency and effectiveness, given the high mean value, 4.44 and the low standard deviation, 0.56, meaning appropriate communication practices facilitating repayment on time. The picture was less favorable when perceptions of interest rate affordability were measured with 60.4 percent saying it was affordable and the mean was 3.63, but 34.6 percent were neutral, indicating the experience of different clients. Interestingly, the percentage of those who disagreed that interest rates had no bearing on borrowing decisions stood at 53.1, with the mean rate being 2.65 and the standard deviation at 1.10, indicating that interest rates caused very high rates of influence on the behaviour of the clients. The study by Atieno et al. (2024) confirmed this study; they investigated how credit terms influence the treatment of non-performing loans in the Kenyan commercial banks based on both credit risk and information asymmetry theories. It was revealed that well-defined credit terms, such as repayment periods, interest rates, and penalties, significantly contributed to the reduction of non-performing loans. The study underscores the role of structured credit agreements in enhancing loan repayment and mitigating default risk.
There was strong agreement (90.1% of the respondents) that institutions remind borrowers about repayment dates (mean 4.37, standard deviation 0.67), and 87.6% of the respondents accepted that repayment periods are communicated (mean 4.19, standard deviation 0.84). Repayment flexibility was also recognized: 80.2% of respondents said clients could request adjustments (mean 4.12), and 80.3% agreed that renegotiation is allowed (mean 3.95, standard deviation 0.74), suggesting that MFIs support clients facing financial difficulties in maintaining repayment consistency.  65.4% rejected the idea that credit period policies fail to promote timely repayment, reflected by a low mean of 2.26 and standard deviation of 1.06, supporting the role of such policies in ensuring liquidity and loan performance. Additionally, 82.7% agreed that credit periods improve loan portfolio quality (mean 4.23, standard deviation 0.83) and 86.5% agreed that structured repayment schedules reduce delinquency (mean 4.20, SD 0.73), affirming the value of well-designed credit terms in maintaining asset quality.
Regarding grace periods, 82.7% agreed they are offered before repayment begins (mean 4.16, SD 0.75), which helps ease repayment pressure. However, views on institutional flexibility in repayment were more divided: while 65.5% agreed, 23.5% were neutral, and 11.1% disagreed, resulting in a lower mean of 3.72 and a higher standard deviation of 1.02, indicating inconsistent implementation or perception of flexibility across institutions. This is supported by the research, which was done by Mwenda and Muchemi in 2021, in Kenyan microfinance institutions. They found that adaptable repayment strategies, such as grace periods and income-based plans, significantly lowered default rates by aligning repayment with clients’ financial capacities, resulting in a 15% reduction in non-performing loans. 
The study concludes that MFIs generally offer favourable credit terms to clients, which positively impact asset quality. High mean scores and low standard deviations in areas such as repayment clarity, follow-up mechanisms, grace periods, and structured repayment plans indicate well-organized, client-focused practices that help reduce delinquency and strengthen institutional financial health. These findings agree with Phiri and Mbewe (2023), who found that the cut in interest rates stimulated the payment by small-scale farmers, and the interest rates ought to be both competitive and sustainable. While MFIs exhibit satisfactory performance in the matching of credit conditions with asset protection strategies, there is room for enhancing flexibility and attending to the concerns of the clients on the question of interest rates. Enhancing the above can facilitate the building of client confidence, enable better outcomes in the area of payment, and increase asset quality. Bwire (2021) found that aggressive Kenyan banks' loan growth operated towards financial instability, underscoring the imperative of sound credit management in the maintenance of both asset quality and institutional stability. 
The grand mean of 3.83 indicates that most of the respondents agree that adequately structured credit conditions constructively influence asset quality in the MFIs in Malawi. The standard deviation of 0.78 indicates moderate agreement with variability in the response. It shows that while most institutions recognize the value of clear and fair credit conditions, i.e., the schedule of repayments, interest rates, and flexibility, such exposures may vary in the MFIs. Enhancing consistency in the execution of the above conditions may facilitate the quality of the asset and enable better alignment in perceptions. 
The research concludes that microfinance institutions play a significant role in providing the clients with constructive credit conditions, contributing towards the asset quality constructively by reducing the ratio of delinquency and enhancing financial stability in the overall outcome. Similarly, Atieno et al. (2024) emphasized the importance of well-structured credit agreements in reducing non-performing loans in Kenyan commercial banks, reinforcing the relevance of credit risk and information asymmetry theories in improving repayment outcomes and minimizing default risks.
[bookmark: _Toc208592073]4.4.4 Credit Risk Control 
[bookmark: _Hlk204074085]The fourth objective of the study was to determine the impact of credit risk control on the asset quality of microfinance institutions in Malawi. To achieve this objective, the respondents were asked to indicate the extent to which they agreed with various statements related to credit risk control, specifically continuous risk assessment and monitoring systems. The findings are shown in Table 4.5.






Table 4.5 Effects of Credit Risk Control on Asset Quality 
	Statement
	(SD)%
	(D) %
	(N) %
	(A)%
	(SA)%
	Mean
	Std. Dev.

	The institution applies late payment penalties
	16.0
	24.7
	37.0
	11.1
	11.1
	2.77
	1.14

	There are established procedures for assessment
	9.9
	11.1
	17.3
	35.8
	25.9
	3.58
	1.27

	The institution has robust monitoring systems
	2.5
	6.2
	16.0
	39.5
	35.8
	4.00
	0.96

	Risk assessment does not help in the detection of default
	33.3
	27.2
	17.3
	18.5
	3.7
	2.32
	1.24

	Borrowers are contacted promptly
	12.3
	23.5
	21.0
	25.9
	17.3
	3.12
	1.27

	Institution has procedures for NPL
	9.9
	19.8
	22.2
	21.0
	27.2
	3.37
	1.32

	The institution does not use an effective system
	12.3
	23.5
	21.0
	29.6
	13.6
	3.09
	1.24

	Monitoring is done regularly
	9.9
	22.2
	22.2
	24.7
	21.0
	3.25
	1.24

	Monitoring helps reduce NPL
	3.7
	2.5
	17.3
	37.0
	39.5
	4.06
	0.98

	The monitoring system enables risk mitigation
	11.3
	10.0
	16.3
	26.3
	36.3
	3.66
	1.32

	Institution initiates loan follow-up
	7.4
	6.2
	11.1
	33.3
	42.0
	3.96
	1.18

	Loan officers conduct periodic visits
	9.9
	4.9
	17.3
	24.7
	43.2
	3.86
	1.28

	Grand Mean & Std. Dev.
	3.45
	1.19


Table 4.5 presents findings on the credit risk control practices and their impact on the asset quality from client and stakeholder perspectives. The first element examines whether the institution imposes late-payment penalties; 22.2% of the respondents agreed, 40.7% disagreed, and 37.0% were neutral. This pattern yielded a mean of 2.77 and a standard deviation of 1.14, reflecting inconsistent application or unclear communication regarding penalties. Weak application of penalties may undermine repayment discipline, and asset quality may also be compromised. In contrast, the statement that established procedures exist for assessing credit risk receives more favorable responses. Over 61.7% of respondents agreed, yielding a mean of 3.58 and a standard deviation of 1.27, suggesting that while procedures exist, perceptions of their clarity or effectiveness vary across respondents. This variance may reflect differences in institutional maturity or staff training levels.
A stronger consensus emerged around the claim that the institution has robust monitoring systems, with a mean of 4.00 and a standard deviation of 0.96, reflecting strong agreement, as indicated by 75.3% agreement. This indicates that MFIs prioritise active loan monitoring, a cornerstone of credit risk control, which reduces the likelihood of default and non-performing loans (NPLs). Chen et al. (2023) supported the findings through a study conducted in Africa, Asia, and Latin America. They discovered that best practices in credit policy development, including borrower education, transparent terms, and strong monitoring mechanisms, enhanced asset quality. Regarding the statement that risk assessment does not help in detecting defaults, the mean was 2.32 and high disagreement levels (60.5%), which confirms that respondents believe risk assessment is indeed valid. This reverse-coded item highlights the perceived value of risk diagnostics in proactive credit risk management. The perception that borrowers are promptly contacted in case of repayment issues received mixed feedback. Only 43.2% agreed, while 35.8% disagreed, and 21.0% were neutral. A mean score of 3.12 with a standard deviation of 1.27 suggests moderate perceptions of follow-up timeliness, indicating that some clients are contacted efficiently. In contrast, others may not receive timely communication, which could potentially affect their repayment performance.
Regarding the presence of procedures for managing non-performing loans (NPLs), 48.2% agreed or strongly agreed, with a mean of 3.37 and a high standard deviation of 1.32. These mixed responses indicate inconsistencies in how effectively NPLs are handled across different institutions or branches. On a reverse-coded statement about system effectiveness, responses were fairly divided. While 35.8% disagreed, 43.2% were either neutral or agreed. The mean of 3.09 and the standard deviation of 1.24 points to variability in perceptions, suggesting that systems are in place but may not be fully optimized or uniformly applied. Regular loan monitoring practices also showed mixed responses; 45.7% agreed or strongly agreed that monitoring is conducted regularly, while 32.1% disagreed, and 22.2% remained neutral. The mean of 3.25 and the standard deviation of 1.24 reflect diverse experiences, possibly due to variations in institutional size or loan officer workload.
Encouragingly, a strong consensus emerged regarding the role of monitoring in reducing non-performing loans, with 76.5% of respondents agreeing, yielding a high mean of 4.06 and a low standard deviation of 0.98, which reinforces the belief that monitoring enhances asset quality through early risk detection and borrower accountability. Mugambi et al. (2024) also investigated the effect of credit risk management on asset quality in Kenya’s deposit-taking SACCOs. They found that practices like proper credit appraisal, loan monitoring, and adherence to policies significantly improved asset quality by reducing non-performing loans. Similarly, 62.6% agreed that the monitoring system enables risk mitigation. A mean of 3.66 and a higher standard deviation of 1.32 suggest that while monitoring is considered adequate, its consistency and depth may vary. Institution-led loan follow-ups received strong support, with 75.3% of respondents in agreement. The mean of 3.96 and the standard deviation of 1.18 highlight the perceived value of proactive borrower engagement in improving asset quality and reducing defaults. 
Finally, 67.9% confirmed that loan officers conduct periodic field visits. This is supported by a mean of 3.86 and a standard deviation of 1.28, underscoring the importance of on-site visits in clarifying client circumstances, ensuring appropriate loan use, and reinforcing repayment commitments, all vital for portfolio health. The grand mean of 3.45 and standard deviation of 1.19 indicate that most microfinance institutions (MFIs) in Malawi have a moderately optimistic view of their credit risk control and asset quality. Yet the large degree of variation in response indicates uneven implementation at the institutional level. Whereas some MFIs exhibit efficient risk management, others underperform, causing variations in the sector. With a view to enhancing overall asset quality and financial stability, there is a requirement for standard procedures, intensive staff training, and more effective regulatory guidance towards fostering uniform credit risk management practices. Although there is a solid foundation for credit risk control in the majority of MFIs, there are areas where there are mixed perceptions in the areas of late penalty enforcement, timely contact with borrowers, and regular monitoring. Such weaknesses, represented by smaller mean values and large standard deviations, indicate variability in implementation. Correcting such issues through staff training, standard procedures, and client education may fortify the efficacy of credit risk management. 
It was concluded that whereas the majority of MFIs have a foundation for effective credit risk control, there is space for improvement in enforcing consistency, interlinking systems, and regular follow-up with the clients towards enhancing portfolio performance and institutional strength. Mwangi et al. (2021) noted that effective credit risk management, more particularly in the identification, evaluation, monitoring, and control of the risk, has a positive effect on the financial performance indicators such as the return on the asset and the payment on the lending, besides curbing the defaults on the lending. In a manner related to the former, Akinyemi et al. (2024) noted that the presence of effective regulatory environments helps in fostering the effective implementation of the credit risk practices in building financial stability, besides the smaller defaults on the lending. 
Findings on the significance of effective credit risk practices in improving the institutional performance and the maintenance of the quality in the areas where the portfolio is placed indicated the presence of effective credit risk measures in the assault of asset quality. Adoption of high average scores on the monitoring systems, follow-ups on loans, and attempts at non-performing loan reduction demonstrated a keen institutional interest in proactive risk management. The findings aligned with those of Osei et al. (2022), who indicated that asset quality is significantly enhanced by full credit risk management systems. Similarly, Mwangi et al. (2021) reiterated that the accurate identification of risks significantly enhances asset quality.
[bookmark: _Toc208592074]4.4.5 Asset quality
The study centred on the impact of the credit management practice on the quality of assets of the microfinance institutions in Malawi. The data concerning the gross loans, their mean, standard deviation, and the percentage ratio between non-performing loans were extracted using a secondary source. The average in gross loans by 81 microfinance institutions (MFIs) in Malawi was 0.0452 per cent. This is an indication that the share of each microfinance institution in the total loan portfolio is small. Through this phenomenon, it is possible to learn that the lending capability of the majority of MFIs is low, and they serve on a smaller scale in the financial environment of the country. The figure explains how MFIs contribute to microfinance at a reduced level, that is, through the credit lending of financial services (Reserve Bank of Malawi, 2023). The above observation was consistent with the past discoveries that indicate the weak outreach and financial capacities in MFIs in Malawi (Phiri, 2021; Mvula, 2020). 
The standard deviation, which was determined in the amount of gross loans disbursed by MFIs in Malawi, was 0.0088 per cent. This shows that the average rate of getting loans is 0.0452 per cent in most institutions. This difference implies that there is not much difference in the size of loans paid out over the 81 MFIs, showing that the scale of operations is more or less the same. These figures indicate that the microfinance industry in Malawi is rather homogenous in its lending policies, with very little deviation from the standard. This is a similar analysis to what has been done in other publications that focus on the small and comparatively homogeneous financial potential of MFIs in the nation (Phiri, 2021; Mvula, 2020). There is low variability, which increases predictability and stability of the economy at the sector level, and therefore, it becomes easier to implement sector-wide reforms or policies. It also demonstrates that the number of extremely aggressive or overcautious lenders is small, which means that the lending strategies in the sector are largely consistent (Mkandawire & Mvula, 2021).
The average above indicated a non-performing loan (NPL) ratio of 4.52 per cent, signalling moderate credit risk and highlighting challenges in credit appraisal, loan monitoring and any external economic factor that affects the capacity of the borrower to repay. Nonetheless, 4.5 per cent is less than 5%, which is advisable in the financial industry. Therefore, the MFIs are doing well. To mitigate these problems, MFIs ought to step up the risk management, follow up on defaulted loans more strictly and consistently provide punishments (IMF, 2023). The IFRS 9 compliance and the applicability of the Expected Credit Loss (ECL) model are yet to be of concern to the asset quality and institutional sustainability (KPMG, 2022).
[bookmark: _Toc208592075]4.5 Inferential Statistics
Inferential analysis was employed in the presentation of the results from the diagnostic tests, as well as the regression output from the credit management practices analysis and the impact on the microfinance institutions' asset quality in Malawi. The regression tables are described through the p-values and the values of the regression coefficient. The diagnostic test results are also displayed.
[bookmark: _Toc208592076]4.5.1 Diagnostic Test
This section presents the results of the diagnostic tests that were conducted to ensure the reliability and validity of the research. The researcher tested for normality, autocorrelation, multicollinearity, and Heteroscedasticity. The results are displayed below:



Table 4.6 Normality Test Results 

Shapiro-Wilk

	  Variable
	
	

	
	     Statistic
	df
	                 Sig.
	
	
	

	
Asset quality of microfinance institutions
	
0.473
	         
81
	
0.000
	
	
	.

	a. Lilliefors Significance Correction




Table 4.6 presents the results of the normality test, which indicate that a significant Shapiro-Wilk test (statistic = 0.473, p = 0.000) is warranted. Although the test indicates non-normality, it is overly sensitive in larger samples, such as n = 81 (Shatz, 2024). A sufficiently large sample size ensures that the Central Limit Theorem guarantees the validity of regression estimates (Ernst & Albers, 2020). Research indicates that regression is robust to normality violations, except when extreme outliers or small samples are present (Knief & Forstmeier, 2021; Midway & White, 2025), which supports the continued use of parametric analysis in this case. The study proceeded with further statistical testing.  Therefore, the data on asset quality of microfinance institutions, which was affected by credit management practices, was far from a normal distribution, thus rejecting the null hypothesis of normality. 
Table 4.7 Autocorrelation Test Results
	Durbin-Watson test for autocorrelation in panel data

	 H0: no first-order autocorrelation

	Prob > F = 0.446
Mean level = 2



Table 4.7 shows the results of the Durbin-Watson statistic of ≈ 2, which lies squarely within the conventional “no‑autocorrelation” band of 1.5 – 2.5, indicating that the residuals from your cross-sectional (panel) model are essentially independent of one another (Field, 2018; Gujarati & Porter, 2020). The accompanying p-value (Prob > F = 0.446) is far above the 0.05 threshold, so you fail to reject the null hypothesis of no first-order serial correlation. Taken together, these results confirm that autocorrelation is not a concern, meaning the independence assumption of ordinary least squares is satisfied and the coefficient estimates and their standard errors remain reliable (Hair et al., 2022).
Table 4.8 Multicollinearity Test Results
	Predictors 
	Tolerance
	VIF

	
	Credit Policy
	               0.952
	1.050

	
	Client Credit Appraisal
	0.942
	1.061

	
	Credit Term
	0.956
	1.046

	
	Credit Risk Control
	0.948
	1.055



Table 4.8 presents the multicollinearity test results, indicating no concern among the independent variables: Credit Policy (Tolerance = 0.952; VIF = 1.050), Client Credit Appraisal (Tolerance = 0.942; VIF = 1.061), Credit Term (Tolerance = 0.956; VIF = 1.046), and Credit Risk Control (Tolerance = 0.948; VIF = 1.055). Tolerance values below 0.10 or 0.20, and VIF values above 5 (or more critically, above 10), typically signal concerns about multicollinearity (Field, 2018; Gujarati & Porter, 2020). However, all tolerance values in this study are well above the threshold, and VIF values are close to 1, indicating that the predictors are not highly correlated. This supports the reliability of the regression results and confirms that each variable makes a unique contribution to the model (Hair et al., 2022).


 Heteroscedasticity Test Results
The White test was applied, which involved regressing the squared residuals from the initial model on the squares and cross-products of the independent variables to determine if these additional terms are statistically significant (Stock & Watson, 2020). The results are presented in Figure 2.
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Figure 2. Heteroscedasticity
In Figure 2, the scatterplot illustrates the relationship between the asset quality of financial institutions and credit management services, indicating a clear heteroscedasticity. Statistically, the data points demonstrate two distinct linear clusters: one with a tighter spread (clustered near the mean) and another with increasing vertical dispersion as asset quality increases, particularly beyond a standardised value of 1.0 on the x-axis. The vertical spread of residuals ranges from approximately -1.0 to +2.0 on the y-axis, while the x-values range from -3.0 to +3.0. This pattern of non-constant variance, which widens dispersion with higher asset quality, indicates a violation of the homoscedasticity assumption in ordinary least squares (OLS) regression (Wooldridge, 2020). Despite this limitation, the study can proceed with further regression analysis due to the reasonably large sample size. To maintain the validity of statistical inferences such as hypothesis testing and confidence intervals, heteroscedasticity-consistent (robust) standard errors are recommended, as they adjust for the presence of unequal error variances (Hayes, 2022; Gujarati & Porter, 2021). Applying these robust corrections ensures the reliability of the findings, even in the presence of heteroscedasticity.
[bookmark: _Toc208592077]4.5.2 Regression Analysis Results
Regression analysis was conducted to investigate the relationship between a dependent variable and one or more independent variables (predictors). Its primary purpose is to model and analyze how changes in the predictor variables are associated with changes in the outcome variable. The results are presented in the following sub-sections.
[bookmark: _Toc208592078]4.5.2.1 The model summary 
The model summary examined the relationship between credit management practices and asset quality of microfinance institutions. The results are presented in Table 4.9.
Table 4.9 Model Summary
	Model Summary

	
	R

	R Square

	    Adjusted R      Square

	Std. Error of the Estimate


	
	0.715
	0.511
	0.476
	0.24512

	



Table 4.9 shows that the model summary demonstrates a clear and strong relationship between credit management practices and the asset quality of microfinance institutions, as indicated by a coefficient of 0.715. With an R-squared value of 0.511, the results suggested that over half of the variation in asset quality can be attributed to credit management practices, including credit risk control, credit appraisal, credit terms, and credit policies. This aligns with Hair, Ringle, and Sarstedt (2021), who note that such explanatory strength signifies a meaningful impact in financial modelling. The adjusted R-squared value of 0.476 further confirms the model’s stability, as adjusted for the number of independent variables, as recommended by Field (2018). The standard error of 0.24512 indicates a reasonably close fit between observed and predicted values. These findings support previous research by Barugahare (2023) and Tandfonline (2023), which highlights the importance of sound credit management in strengthening asset quality and minimizing credit risk within microfinance institutions.
[bookmark: _Toc208592079]4.5.2.2 ANOVA output
The ANOVA output assesses whether the regression model effectively explains the variation in asset quality among microfinance institutions based on their credit management practices. It includes key statistics such as the sum of squares, degrees of freedom, mean squares, the F-value, and the significance level. The results are displayed in Table 4.10
Table 4.10 ANOVA Output
	ANOVA

		
	Sum of          Squares
	                      df
	  Mean     Square
	         F
	     Sig.

	
	Regression
	2.221
	4
	.555
	     4.218
	    .004b

	
	Residual
	10.002
	76
	.132
	
	

	
	Total
	12.222
	80
	
	
	





The ANOVA results of Table 4.9 show that the regression model is significant (F = 4.218, p = 0.004), and thus, using credit policy, client appraisal, credit terms and risk control as predictors, the overall effect of the four predictors is significant. Because the value of p is less than 0.05, it indicates the fact that the model is a better fit than an unfitted model (Field, 2018). The displays of greater regression sum of squares than the residual likewise demonstrate that the model has adequate explanatory power as the predictors explain a significant part of the variation in the asset quality (Hair, Ringle, & Sarstedt, 2021). The comparison between the regression sum of squares (2.221) and residual sum of squares (10.002) indicates that the model explains a considerable percentage of the total variance (12.222).Bottom of Form
[bookmark: _Toc208592080]4.5.2.3 Coefficients 
[bookmark: _Hlk205928202]Table 4.11 shows the results of an ordinary least squares (OLS) regression model examining the relationship between the credit policy, client credit appraisal, credit term, and credit risk control and asset quality of microfinance institutions (MFIs). The table shows the values of different predictors and their standard errors, the t-values and the significance level relating to each of them, as well as the intercept. These are the findings:
Table 4.11: Coefficients
	
	β
	  Std. Error
	            t 
	             Sig.

	
	(Constant)
	0.312
	0.870
	      0.359
	0.720

	
	Credit Policy
	0.295
	0.097
	     3.041
	0.003

	
	Client Credit Appraisal
	0.410
	0.110
	     3.727
	0.000

	
	Credit Term
	0.222
	0.089
	     2.494
	0.014

	
	Credit Risk Control
	0.263
	0.095
	    2.768
	0.007










a. Predictors: (constant), credit risk control, client credit appraisal, credit term, credit policy
b. Dependent variable: Asset quality of microfinance institutions
The regression results indicate that all four credit management variables, credit policy (CP), client credit appraisal (CA), credit terms (CT), and credit risk control (CRC), positively contribute to the asset quality (AQ) of MFIs at the 5% significance level. Client credit appraisal has the most significant influence (β = 0.410, p < 0.001), supporting Kamau and Gitagia (2024), who emphasise its crucial role in enhancing loan performance through more effective borrower screening. Credit policy also significantly contributes to asset quality (β = 0.295, p = 0.003), aligning with Karanja and Simiyu (2022), who argue that structured credit policies enhance loan portfolio discipline. Credit terms show a significant impact (β = 0.222, p = 0.014), consistent with Iqbal and Rao (2022), who emphasise that tailored repayment schedules reduce default risk. Finally, credit risk control (CRC) also has a positive effect on asset quality (β = 0.263, p = 0.007), corroborating Abdulhamid et al. (2023), who assert that consistent risk monitoring reduces NPLs.Bottom of Form
From these results, the specific model became:                             
 	A                   
[bookmark: _Hlk203737152]The constant term (0.312) represents the expected level of asset quality when all predictors are zero. Client credit appraisal has the most potent positive effect (β = 0.410), credit policy also has a significant influence (β = 0.295), credit risk control (β = 0.263) plays a notable role on asset quality, lastly, credit terms have a significant effect (β = 0.222), on asset quality, The regression equation confirms that improvements in client credit appraisal, credit policies, credit terms, and risk controls all enhance MFI asset quality, with credit appraisal having the most substantial effect 
[bookmark: _Toc208592081]4.5.3 Hypothesis Testing Results
Hypothesis testing was conducted to assess the influence of credit management practices on the asset quality of microfinance institutions (MFIs). Each hypothesis evaluated whether the respective independent variables, credit policy, client credit appraisal, credit terms, and credit risk control, had a statistically significant effect on asset quality. The results of the regression analysis supported the rejection of all four null hypotheses at the 5% significance level, based on their respective t-statistics and p-values, indicating that each credit management factor makes a meaningful contribution to asset quality improvement. Below are the results from the regression output.
[bookmark: _Hlk203906563]The first null hypothesis, which posits that credit policy does not affect asset quality (H₀₁: β₁ = 0), was rejected. The influence of credit policy on asset quality is evident, with (β) of 0.295, a t-statistic of 3.041, and a p-value of 0.003. As the p-value is below the 0.05 threshold, this provides statistical evidence that credit policy has a significant effect on asset quality. This is supported by Karanja and Simiyu (2022), who observed that consistent application of credit policies improves loan performance in Kenyan MFIs.
[bookmark: _Hlk203906637]The second hypothesis (H₀₂: β₂ = 0), that client credit appraisal does not affect asset quality, was also rejected based on a statistically significant β = 0.410, t = 3.727, and p < 0.001, which is below the 0.05 threshold. This indicates that client credit appraisal has the most substantial positive impact on asset quality. This aligns with Lanyero, Nyakundi, and Manyange (2024), who found that thorough credit appraisal processes reduce non-performing loans and strengthen portfolio quality in Ugandan financial institutions. 
[bookmark: _Hlk203906715]Similarly, the third null hypothesis (H₀₃: β₃ = 0), concerning the effect of credit terms on asset quality, was rejected (β = 0.222, t = 2.494, and p = 0.014), as the p-value is less than the 0.05 threshold. The study found a significant positive relationship between credit terms and asset quality. Repayment schedules aligned with borrowers’ cash flow patterns lead to better repayment outcomes. Barboni (2024) asserts that flexible and innovative repayment structures enable microfinance clients to meet their obligations, thereby enhancing asset quality. Top of FormBottom of Form
[bookmark: _Hlk203906791]The null hypothesis that credit risk control does not affect asset quality (H₀₄: β₄ = 0) was rejected (β = 0.263, t = 2.768, and p = 0.007), as the p-value is less than the 0.05 threshold, indicating that credit risk control has a significant positive relationship with asset quality. This highlights the importance of effective risk-monitoring systems in maintaining strong loan portfolios. Supporting this, Agbana, Bukoye, and Arinze-Emefo (2023) found that credit risk management reduces defaults and strengthens financial performance in Nigerian MFIs.









[bookmark: _Toc79715][bookmark: _Toc208592082]CHAPTER FIVE
[bookmark: _Toc79716][bookmark: _Toc208592083]SUMMARY, CONCLUSION AND RECOMMENDATIONS
[bookmark: _Toc208592084]5.1 Introduction
The chapter briefly explains the findings, conclusions, recommendations, and suggestions for future research. The general study objective was to determine the effect of credit management practices on asset quality of MFIs in Malawi. The study examined the influence of credit policy, client credit appraisal, credit terms, and credit risk control on asset quality of MFIs in Malawi.
[bookmark: _Toc208592085][bookmark: _Hlk203900336]5.2. Summary of the Findings
This section gives a description of the results according to the research objectives. The study was focused on the effect of the credit management practices, specifically credit policy, client credit appraisal, credit terms, and credit risk control, on the MFIs' asset quality in Malawi. Below is the description of the results under each variable.
[bookmark: _Toc208592086][bookmark: _Hlk207018587]5.2.1. Credit Policy and Asset Quality
The first objective of the study was to determine how credit policies affect the asset quality of MFIs in Malawi. The findings show that MFIs generally implement credit policies that align lending with borrowers’ financial capacity, use clearly defined credit limits, and follow structured procedures for loan disbursement and repayment collection. As shown in Table 4.11, the regression analysis produced the following results for credit policy: Coefficient estimate of 0.295, Standard error of 0.097, and a p-value of 0.003. Since the p-value is less than 0.05, the null hypothesis (H₀₁: Credit policy does not affect asset quality) was rejected. In conclusion, Credit policy has a statistically significant positive effect on the asset quality of MFIs in Malawi. This suggests that well-structured credit policies contribute to better loan performance and lower default rates.
[bookmark: _Toc208592087]5.2.2. Client Credit Appraisal and Asset Quality
The second objective of the study was to determine the impact of client credit appraisal on asset quality of MFIs in Malawi. The study found that MFIs implement robust and consistent appraisal practices. There is clear communication of the loan eligibility criteria before application. Formal collection procedures and repayment terms are communicated at disbursement. These practices enhance borrower discipline and transparency and reduce credit risk. The results of the regression showed a Coefficient estimate of 0.410, a Standard error of 0.110, and a p-value of 0.000. Since the p-value is less than 0.05, we reject the null hypothesis. (H02). This reveals that client credit appraisal has a statistically significant positive effect on asset quality. This highlights the critical role of accurate borrower assessment in improving loan performance and reducing defaults.
[bookmark: _Toc208592088]5.2.3. Credit Terms and Asset Quality
The third objective of the study was to establish the effect of the credit terms on asset quality of the microfinance institutions of Malawi. The study found that clearly outlining repayment schedules, issuing timely reminders, and offering structured repayment plans help clients better understand their obligations and encourage prompt repayments, thereby reducing instances of delinquency. These client-focused measures reflect strong internal systems that promote financial responsibility and support the long-term sustainability of the institutions. The coefficient estimate for credit terms is 0.222, with a standard error of 0.089, and a p-value of 0.014. Since the p-value is less than a conventional threshold of 0.05, we reject the null hypothesis (H03), indicating that credit terms also have a positive and significant impact on asset quality. The findings indicate that microfinance institutions generally manage client-related credit terms effectively, contributing positively to asset quality. 
[bookmark: _Toc208592089]5.2.4. Credit Risk Control and Asset Quality
The fourth objective of the study was to determine the impact of credit risk control on the asset quality of microfinance institutions in Malawi. The study found that microfinance institutions established effective credit risk control systems, including consistent loan monitoring, proactive follow-ups, and frequent client visits. These efforts play a key role in minimising non-performing loans and promoting borrower responsibility, reflecting a strong institutional focus on managing credit risk, and hence contribute to improved loan portfolio outcomes. The coefficient estimate for credit risk control was 0.263, with a standard error of 0.095, and a p-value of 0.007. Since the p-value is less than the threshold of 0.05, we reject the null hypothesis (H04), indicating that credit risk control has a statistically significant effect on asset quality. 
[bookmark: _Toc208592090]5.3 Conclusions 
[bookmark: _Toc208592091][bookmark: _Hlk205927340]5.3.1 Credit Policy and Asset Quality
The study found that credit policies have a statistically significant effect on asset quality of microfinance institutions in Malawi. This is evident, with (β) of 0.295, a t-statistic of 3.041, and a p-value of 0.003. As the p-value was below the 0.05 threshold, aligning loan decisions with clients' financial capabilities, maintaining clear loan limits, and utilizing organized lending and recovery procedures have proven effective in promoting repayment discipline and maintaining strong loan portfolios. However, variations in loan review practices and concerns about the effectiveness of current collection strategies suggested the need for enhanced enforcement and the adoption of more incentive-based approaches. Strengthening these areas could further improve repayment performance and support the financial sustainability of MFIs.
[bookmark: _Toc208592092]5.3.2 Client Credit Appraisal and Asset Quality
In conclusion, the findings confirmed that robust client credit appraisal processes are crucial for enhancing the asset quality of microfinance institutions in Malawi. The null hypothesis was also rejected based on a statistically significant β = 0.410, t = 3.727, and p < 0.001, which is below the 0.05 threshold. By ensuring that loan evaluations are based on borrowers' financial capacities and using structured appraisal methods, MFIs encourage responsible borrowing and reduce the likelihood of default. Transparent loan terms and formal repayment procedures reflected a strong commitment to accountability. However, inconsistencies in how loans are reviewed before disbursement and uneven support for clients with repayment difficulties highlight areas for improvement. Strengthening these through standardized processes, consistent follow-up, and better oversight could help enhance asset quality and support the long-term resilience of microfinance institutions.
[bookmark: _Toc208592093]5.3.3 Credit Terms and Asset Quality
The findings indicated that proper management of client-friendly credit conditions significantly improves the quality of microfinance institutions’ assets in Malawi. The null hypothesis was rejected (β = 0.222, t = 2.494, and p = 0.014), as the p-value was less than the 0.05 threshold. Mechanisms such as proper repayment schedules, timely reminders, and scheduled repayments increase borrowers’ understanding and enforce timely repayments of the loans, reducing delinquency. Although flexibility was available through options like grace periods and loan renegotiations, inconsistent application across clients and institutions suggests a need for more standardized and transparent practices to enhance loan performance and client satisfaction. The study also highlighted that interest rate affordability and competitiveness are crucial factors affecting clients’ borrowing decisions and repayment behavior. Overall, while MFIs have made notable strides in aligning credit terms with the goal of asset protection, further adjustments to interest rate policies and more consistent implementation of flexible repayment options could improve repayment rates and strengthen institutional financial health.
[bookmark: _Toc208592094]5.3.4 Credit Risk Control and Asset Quality
The study revealed that MFIs in Malawi have implemented important credit risk control measures, including regular loan monitoring, proactive follow-ups, and client visits. The null hypothesis was also rejected (β = 0.263, t = 2.768, and p = 0.007), as the p-value is less than the 0.05 threshold. Issues such as uneven penalty application and delays in responding to repayment challenges could weaken the effectiveness of risk management. Nevertheless, there was widespread agreement on the critical role of thorough monitoring and prompt action in protecting asset quality. This highlighted the need for more standardized processes, better resource allocation, and consistent application of risk control strategies across all MFIs to enhance credit risk management and overall portfolio health.
[bookmark: _Toc208592095]5.4 Recommendations from the study 
[bookmark: _Toc208592096]5.4.1 Credit policy
[bookmark: _Hlk205927435]It was recommended that MFIs in Malawi should improve the standardization and enforcement of credit policies, especially regarding the review of loans and the process of collection. The inclusion of incentive methods in these practices may help even more towards on-time repayments, in the long run contributing towards the repayment discipline and the financial sustainability of the institutions.
[bookmark: _Toc208592097]5.4.2 Credit appraisal 
The study recommended that MFIs in Malawi standardize the credit appraisal for clients, provide transparent loan conditions, and set out formal collection plans. Enhancing the loan review practices and providing identical assistance towards borrowers experiencing hardship in repaying the debt would help the asset quality and institutional stability.
[bookmark: _Toc208592098]5.4.3 Credit terms
The study recommended that microfinance institutions in Malawi unify the administration of credit conditions through the adoption of simple payment calendars, frequent reminders, and straightforward plans. Adopting regular adjustable measures and setting balanced interest rates play a similar role in increasing the level of payment and maintaining financial vigour.
[bookmark: _Toc208592099]5.4.4 Credit risk control
The study recommended that microfinance institutions in Malawi standardize and implement credit risk control processes, follow up on time, apply the same penalty, and invest adequate resources. MFIs should apply IFRS 9 by classifying and measuring financial instruments accurately, applying the Expected Credit Loss (ECL) model in identifying impairment, and applying hedge accounting where applicable. The most important objectives were compliance, more transparent financial reporting, and adopting a forward-looking approach in the credit risk analysis. Such measures would strengthen risk management, provide protection for asset quality, and improve the performance of the portfolio.
[bookmark: _Toc208592100]5.5. Limitations
This study had limitations. Firstly, it relied heavily on self-reported data from MFI staff and clients, which may be subject to biases and therefore may not accurately reflect actual practices or outcomes. Secondly, the cross-sectional design captured information at a single point in time, limiting the ability to assess long-term effects or establish causal relationships between credit management practices and asset quality. Thirdly, the study is context-specific to Malawian MFIs, which may limit the generalizability of the findings to other regions or financial institutions operating under different regulatory and economic conditions.

[bookmark: _Toc208592101]5.6. Suggestions for Further Studies
Future research should focus on the examination of the influence of credit management practices on asset quality within longer timeframes in order to comprehend longer-run trends, causality, and the influence of economic cycles more accurately. Comparative research at the regional level and among microfinance institutions may shed light on the influence of regulation and institutional strength. Research regarding the training of staff, infrastructure, and the usage of objective financial indicators would refine the credit appraisal and risk management knowledge. Moreover, the incorporation of the client perspective on the conditions of credit and related supporting services and examination of penalty enforcement and communication strategies may lead to improved results in repayments. Research on the influence of institutional resources, as well as regular practices in the monitoring, facilitates stimulating inputs towards the optimization of credit management in microfinance institutions. Lastly, another research should be carried out considering other credit management practices, independent variables not included in this study, but that affect asset quality.
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Dear Respondent,
I am Sister Gloria Tenthani, and I am pursuing a Master of Business Administration (MBA) in Finance at the Catholic University of Eastern Africa. The study is titled "Credit Management Practices and Asset Quality of Microfinance Institutions in Malawi.” Any information provided will be treated with the utmost confidentiality. Do not write your name or any form of identification on this questionnaire. The insights from this study will offer valuable information to managers from these institutions. I kindly request that you fill out this questionnaire containing Likert-scale items. Please indicate your level of agreement with the Likert scale item. Answer all questions as indicated by filling in blank spaces or ticking the applicable options.
Part A: General Information 
1. What is your highest level of education?
Primary     [       ]	Secondary   [       ]	Tertiary       [       ]	University   [       ]
2. How long have you been in the microfinance sector?
Less than 1 year   [      ] 1–3 years [      ] 4–6 years [      ] More than 6 years    [      ]
3. How long has your institution been in operation?
Less than 5 years      [      ]	5–10 years       [      ]	    More than 10 years    [      ]


Part B: Credit Policy 
Please indicate your level of agreement with the following statements using the scale below:
1 = Strongly Disagree 2 = Disagree 3 = Neutral 4 = Agree 5 = Strongly Agree.
	Statement
	1 (Strongly Disagree)
	2 (Disagree)
	3 (Neutral)
	4 (Agree)
	5 (Strongly Agree)

	The institution sets loan amounts based on a borrower’s financial capacity.
	
	
	
	
	

	Borrowers are informed of the maximum loan amount they can receive before applying.
	
	
	
	
	

	The institution follows a structured process to determine loan limits for borrowers.
	
	
	
	
	

	The institution does not review loan limits periodically.
	
	
	
	
	

	The institution provides borrowers with clear steps to follow when facing repayment difficulties.
	
	
	
	
	

	The credit limit policy does not contribute to the reduction of loan defaults.
	
	
	
	
	

	The institution has a clear loan collection policy.
	
	
	
	
	

	Collection procedures are communicated to clients during loan disbursement.

	
	
	
	
	

	The collection policy does not promote a culture of repayment among clients.

	
	
	
	
	

	Strict enforcement of the collection policy has improved the repayment rate of loans.
	
	
	
	
	

	Penalties for late payments are clearly stated.
	
	
	
	
	

	Staff are trained in effective loan recovery techniques.

	
	
	
	
	


Part C: Client credit appraisal
Please indicate your level of agreement with the following statements using the scale below:
1 = Strongly Disagree 2 = Disagree 3 = Neutral 4 = Agree 5 = Strongly Agree.
	Statement   
	1(Strongly
Disagree)
	2
(Disagree)
	3
(Neutral)
	4
(Agree)
	5(Strongly
Agree)

	Borrowers with a good repayment history are eligible for higher loan amounts.
	
	
	
	
	

	The institution prevents borrowers from taking loans that exceed their repayment ability.
	
	
	
	
	

	Assessment of client character does not help reduce loan default risks.
	
	
	
	
	

	Borrowers are well-informed about the factors that affect their loan approval.
	
	
	
	
	

	A good client character rating improves the chances of loan approval.
	
	
	
	
	

	Past loan repayment behavior is a key consideration in assessing client character
	
	
	
	
	

	The institution accepts a wide variety of assets as collateral.
	
	
	
	
	

	The institution requires borrowers to present collateral as a guarantee for the loan.
	
	
	
	
	

	The quality of collateral affects the loan amount granted to clients.
	
	
	
	
	

	Collateral requirements are communicated to clients.
	
	
	
	
	

	Collateral does not provide security in case of client loan default.
	
	
	
	
	

	The institution accepts both tangible and intangible forms of collateral.
	
	
	
	
	





Part D: Credit terms
Please indicate your level of agreement with the following statements using the scale below:
1 = Strongly Disagree 2 = Disagree 3 = Neutral 4 = Agree 5 = Strongly Agree.
	Statement                
	1(Strongly
Disagree)
	2
(Disagree)
	3
(Neutral)
	4
(Agree)
	5(Strongly
Agree)

	The repayment terms are explained clearly before the loan is disbursed.
	
	
	
	
	

	The institution’s interest rates are affordable for most clients
	
	
	
	
	

	Interest rate levels do not influence clients’ willingness to repay loans.
	
	
	
	
	

	The institution has clear procedures for reminding borrowers about upcoming loan payments.
	
	
	
	
	

	Loan repayment periods are clearly outlined and communicated to borrowers during approval.
	
	
	
	
	

	Borrowers can request adjustments to repayment terms if they face unexpected financial hardship.
	
	
	
	
	

	The institution allows renegotiation of repayment periods in case of financial hardship
	
	
	
	
	

	The credit period policy has not led to more timely repayments by borrowers.
	
	
	
	
	

	Credit period flexibility helps in maintaining loan portfolio performance.
	
	
	
	
	

	Properly structured repayment periods reduce delinquency rates.
	
	
	
	
	

	Clients are given a grace period to stabilize before repayment begins.
	
	
	
	
	

	The institution offers flexible loan repayment periods based on the client's needs.
	
	
	
	
	



Part E: Credit risk control   
Please indicate your level of agreement with the following statements using the scale below:
1 = Strongly Disagree 2 = Disagree 3 = Neutral 4 = Agree 5 = Strongly Agree.
	Statement        
	1(Strongly
Disagree)
	2
(Disagree)
	3
(Neutral)
	4
(Agree)
	5(Strongly
Agree)

	The institution applies late payment penalties consistently.
	
	
	
	
	

	There are established procedures for performing ongoing risk assessments of borrowers.
	
	
	
	
	

	The institution has robust monitoring systems to identify early signs of default.
	
	
	
	
	

	Continuous risk assessment does not help in early detection of potential loan defaults.
	
	
	
	
	

	Borrowers are contacted promptly when they miss a payment.
	
	
	
	
	

	The institution has set procedures for handling non-performing loans. 
	
	
	
	
	

	The institution does not use an effective system to track client loan performance.
	
	
	
	
	

	Monitoring of loans is done regularly throughout the repayment period.
	
	
	
	
	

	The monitoring system helps reduce the rate of non-performing loans.
	
	
	
	
	

	The monitoring system enables timely decision-making in risk mitigation.
	
	
	
	
	

	The institution initiates loan follow-up immediately after a missed repayment.
	
	
	
	
	

	Loan officers conduct periodic field visits to monitor client businesses.
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Appendix 3: Data Collection Sheet

Secondary data from the Microfinance Institutions in Malawi
	Asset

	Amount

	Total gross loans 

	

	Non-Performing loans

	























Appendix 4: List of Microfinance Institutions in Malawi
DEPOSIT-TAKING MICROFINANCE INSTITUTIONS 
	Serial No.
	 Name of Institution

	1
2
3
4
5
6
	Dream Financial Services Limited Company
FINCA Limited 
Lavida Limited 
Nyasa Capital Finance Company 
Vision Fund Malawi  
Wealthnet Finance Public Limited Company  


Bottom of Form
NON-DEPOSIT TAKING MICROFINANCE INSTITUTIONS  
1. APTL Microcredit Limited 
2. Community Finance Limited 
3. COMSIV Limited 
4. CUMO Microfinance 
5. Digital Microcredit Limited 
6. Greenwing Capital Financial Services Limited 
7. LOLC Finance Limited 
8. Nagomicroloan Foundation Limited 
9. National Economic Empowerment Fund (NEEF) 
10. Pinnacle Financial Services Limited 
11. Saile Financial Services Limited Company 
12. Select Financial Services Limited 
13. TNM Mpamba Limited 
14. Yellow Finance Limited 
 MICROCREDIT AGENCIES
1.	AIC Financials Limited 
2.	Acades Finance Limited 
3.	Africa Finance and Entrepreneurship Development Limited 
4.	Awili Microfinance Limited 
5.	Binisons Credit Agency 
6.	Bl Financial Services Limited 
7.	Bridge Financial Services Limited 
8.	Business Finance Solutions 
9.	CR Capital Finance Limited 
10.	Central Health Limited 
11.	Centre for Advancement of Sustainable Development (CASDE) 
12.	Chilunga Financial Services Limited 
13.	Chingwe Holdings Limited 
14.	Chislet Finance Limited 
15.	Chuma Changa Limited 
16.	Citizen Microfinance Limited 
17.	Delight Finance Limited 
18.	Ecological Research and Outreach Initiative Limited (Ecoret) 
19.	Eldridge Finance Limited 
20.	Elite Financial Solutions 
21.	Epik Finance Limited 
22.	Essa Loans Limited 
23.	Excel Microcredit Agency 
24.	Express Microloan Limited 
25.	Faith Microfinance Limited 
26.	Fidelity Finance Limited 
27.	Financerite Limited 
28.	Finsave Financing Limited 
29.	First Lending Club 
30.	First Microfinance Centre 
31.	FISD Finance for Agriculture Development Limited (FIFAD) 
32.	Flexible Finance Limited 
33.	Gim Microfinance Limited 
34.	Global Wealth Microfinance Agency 
35.	Glofinance Finance Limited 
36.	Green Fund Limited 
37.	Greengold Finance 
38.	Headway Finance Limited 
39.	Hippo Finance Limited 
40.	Hurricane Finance Limited 
41.	Kasupe Microfinance Limited 
42.	Kholola Financial Services 
43.	Kingdom First Capital Limite 
44.	Kwacha Fund Limited 
45.	Link Finance Limited 
46.	Liwiro Microcredit Limited 
47.	Mai Finance Limited 
48.	Makko Brothers Limited 
49.	Mlambe Capital Limited 
50.	Mlatho Financial Services 
51.	Mtendere Financial Services 
52.	Mwalwiba Finance Limited 
53.	Nagowa Finance Limited 
54.	Namuleri Innovation for Finance Limited 
55.	Nasi Enterprises Limited 
56.	Northern Alliance Financing Corporation Limited 
57.	PIC Business Development Fund 
58.	Pacific Finance Limited 
59.	Palm Microfinance Limited 
60.	Pamodzi Finserve Limited 
61.	Pamthuzi Finance Limited 
62.	People Development Fund Limited 
63.	Platinum Microfinance Agency
64.       Prag Microcredit Agency Limited 
65.	Premium Finance Company Limited 
66.	Quickinvest Limited 
67.	Rising Finance Limited 
68.	Royal Finance Limited 
69.	Savanna Financial Services Limited 
70.	Sono Microfinance Limited 
71.	Springboard Microfinance Limited 
72.	Sumi Microfinance Limited 
73.	Swift Finance Limited 
74.	Sycamore Credit Limited 
75.	The Money Clinic Limited 
76.	Thrifty Finance Limited 
77.	Tigawani Finance Limited 
78.	Tingathe Women Limited 
79.	Ubale Financial Services Limited 
80.	Ufulu Finance Company Limited 
81.	Umunthu Microfinance 
82.	Union Credit Limited 
83.	Value Loan Limited 
84.	Women Finance Limited 
85.	Xpress Money Limited 
86.	YB Cash Advance Limited 
87.	Zachangu Microfinance Agency 
 
source: Reserve Bank of Malawi, 2024
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provided will be used purely for academic purposes and will be treated with
utmost confidentiality.

‘\\N\'-_RS\TY OF EAE}Z;‘ N
Thank you. 4'7

&)
2gq APR WB )
oy *x

Yours faithfully,

Dr. Joseph Macheru, PhD., CPA-
HEAD OF DEPARTMENT - GRADUATE BUSINESS STUDIES

N -y
x p BuAre GUS\N\:.'}".-S//,.\%O
Xe) o e S N >

80X 42157 - 0020027

....Page 1 of 1






image3.emf

)
\§Y

-

S

' REPUBLIC OF KENYA NATIONAL COMMISSION FOR
SCIENCE,TECHNOLOGY & INNOVATION

Ref No: 298685 Date of Issue: 07/June/2025

RESEARCH LICENSE

Thisisto Certify that Sr.. gloria- Tenthani of Catholic University of Eastern Africa, has been licensed to conduct resear ch as per
i theprovision of the Science, Technology and Innovation Act, 2013 (Rev.2014) in Nairobi on the topic: CREDIT MANAGEMENT
. PRACTICESAND ASSET QUALITY OF MICROFINANCE INSTITUTIONS for the period ending : 07/June/2026.

License No: NACOST |/P/25/4174231

298685 @ahonc3 .
Applicant Identification Number Deputy Director

NATIONAL COMMISSION FOR
SCIENCE, TECHNOLOGY &
INNOVATION

Verification QR Code

NOTE: Thisis acomputer generated License. To verify the authenticity of this document,
Scan the QR Code using QR scanner application.

See overleaf for conditions

___________________________________________________________________________________________________________________






THE SCIENCE, TECHNOLOGY AND INNOVATION ACT, 2013 (Rev. 2014)
Legal Notice No. 108: The Science, Technology and Innovation (Research Licensing) Regulations, 2014

The National Commission for Science, Technology and Innovation, hereafter referred to as the Commission, was the established under the
Science, Technology and Innovation Act 2013 (Revised 2014) herein after referred to asthe Act. The objective of the Commission shall be to
regulate and assure quality in the science, technology and innovation sector and advise the Government in matters related thereto.

1

a s w

10.

11
12.

13.

14.

15.

CONDITIONS OF THE RESEARCH LICENSE

The Licenseis granted subject to provisions of the Constitution of Kenya, the Science, Technology and Innovation Act, and other
relevant laws, policies and regulations. Accordingly, the licensee shall adhere to such procedures, standards, code of ethics and
guidelines as may be prescribed by regulations made under the Act, or prescribed by provisions of International treaties of which Kenya
isasignatory to.
The research and its related activities as well as outcomes shall be beneficial to the country and shall not in any way;
i. Endanger national security
ii. Adversely affect the lives of Kenyans
iii. Bein contravention of Kenya' s international obligations including Biological Weapons Convention (BWC), Comprehensive
Nuclear-Test-Ban Treaty Organization (CTBTO), Chemical, Biological, Radiological and Nuclear (CBRN).

iv. Result in exploitation of intellectual property rights of communitiesin Kenya

v. Adversely affect the environment

vi. Adversely affect the rights of communities

vii. Endanger public safety and national cohesion
viii. Plagiarize someone else’swork

The Licenseisvalid for the proposed research, location and specified period.
Neither the license nor any rights thereunder are transferable.
The Commission reserves the right to cancel the research at any time during the research period if in the opinion of the Commission the
research is not implemented in conformity with the provisions of the Act or any other written law.
The Licensee shall inform the relevant County Director of Education, County Commissioner and County Governor before
commencement of the research.
Excavation, filming, movement, and collection of specimens are subject to further necessary clearance from relevant Government
Agencies.
The License does not give authority to transfer research materials.
The Commission may monitor and evaluate the licensed research project for the purpose of assessing and eval uating compliance with
the conditions of the License.
The Licensee shall submit one hard copy, and upload a soft copy of their final report (thesis) onto a platform designated by the
Commission within one year of completion of the research.
The Commission reserves the right to modify the conditions of the License including cancellation without prior notice.
Research, findings and information regarding research systems shall be stored or disseminated, utilized or applied in such a manner as
may be prescribed by the Commission from time to time.
The Licensee shall disclose to the Commission, the relevant Institutional Scientific and Ethical Review Committee, and the relevant
national agencies any inventions and discoveries that are of National strategic importance.
The Commission shall have powers to acquire from any person the right in, or to, any scientific innovation, invention or patent of
strategic importance to the country.
Relevant Institutional Scientific and Ethical Review Committee shall monitor and evaluate the research periodically, and make a report
of its findings to the Commission for necessary action.

National Commission for Science, Technology and
Innovation(NACOSTH),
Off Waiyaki Way, Upper Kabete,

P. O. Box 30623 - 00100 Nairobi, KENY A
Telephone: 020 4007000, 0713788787, 0735404245
E-mail: dg@nacosti.go.ke
Website: www.nacosti.go.ke






image4.emf

